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This paper thoroughly considers the potential of installing microgrids
(MGs) in communities that suffer from the economic crisis in order to
financially stimulate their local economies. Exploiting the state-of-the-art
evolutions in the fields of the MG technology,
the Hybrid Techno-Economic (HTE) model is proposed as a suitable
techno-economic tool for assessing the power generation/consumption
behaviour and the financial performance of these communities’ MGs.
The contribution of this paper is four-fold. First, the HTE model is
presented. HTE model describes a theoretical analysis that is suitable for
studying community’s MGs. Appropriately concatenating one
well-validated technical module and one new economic module, the HTE
model quickly and conveniently reveals the power
generation/consumption and economic profile of community’s MGs.
Second, HTE model is integrated through an extended portfolio of power
and financial metrics. The applied metrics study the influence of
generation and consumption power changes on community’'s MGs.
The validity and the efficiency of the HTE model are examined with
respect to these power changes while the impact of these changes on
the power and cash flows of community's MGs are assessed.
Third, a cost-benefit analysis of the operation of community’s MGs
accompanied with a financial stability analysis is also demonstrated.
The main outcome of these analyses is the daily total benefit (TB) of
community’s MGs with its respective financial bounds. Fourth, the
contribution of the energy arbitrage and the power production mix among
available power sources of community’'s MGs to the daily TB is
investigated.

Apart from promoting the ecological awareness, this paper tries to
become a catching argument for the communities in order to exploit the
community’s MGs.

Keywords:  Microgrids (MGs); Power Trading; Energy Arbitrage, Energy Storage Systems (ESSs);
Distributed Generation (DG) sources;, Renewable Energy Sources (RESs); Green Economy,
Sustainable Development and Growth; Economy of Local Communities, Smart Grid

l. Introduction
The financial and economic crisis that started in the United States in 2007 and
currently torments Europe has more or less impacted a vast majority of local
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communities around the world. While the severity of these problems varies from one
community to another, new policies have to be adopted as well as new tools and
mechanisms have to be invented, restructured, and overhauled [1]-[4]. In a regional basis,
the consequences of the financial and economic crisis mainly affects four sectors of
community’s economy [1], [5], [6]: (i) Revenues: The revenues of the communities,
which are either generated by local taxation or derived from state transfers, have
undergone dramatic declines; (ii) Expenditures: The communities suffering from the
crisis show high unemployment and significant slowdown of their local economic
activities. Hence, additional funding is required so that the general social welfare status is
maintained; (iii) Bank financing: Apart from the states, the crisis critically affects the
banking institutions as well as their cash liquidity. Hence, the cost of money increases
while the communities face serious difficulties in contracting loans in order to satisfy
their current budget needs and projections; (iv) Investments: The crisis environment
discourages either foreign or local investors. This implies that various projects, which
could create extra financial fluidity in local communities, are put on hold, cancelled or
delayed. All the aforementioned reasons push local communities to immediately adopt
measures that are going to enhance the community’s sustainable development and to
increase community’s incomes.

Sustainable development and growth are an important issue for local communities
that historically have been dependent on the exploitation of their natural resources
(i.e., forestry, agriculture, mining, and fishing) as their economic base [7]. Nowadays, by
means of the prism of the green economy, communities can still commercialize their
natural resources, such as wind speed and solar radiation, in order to financially stimulate
their local economies [8]. This modern resource harvest can be achieved through
microgrids (MGs) that are owned by the local communities [9]-[12]. Community’s MGs
are low-voltage power networks that include Energy Storage Systems (ESSs),
Distributed Generation (DG) sources, like microturbines (MTs) and fuel cell (FC) units,
Renewable Energy Sources (RESs), such as wind turbines and photovoltaic (PV) systems,
and controllable loads [13]-[16]. In general, community’s MGs operate interconnectedly
to the main power grid, simply denoted as power grid [17]-[19].
However, community’s MGs can operate isolatedly in case of external faults that block
the interconnection with the power grid.

A community’s MG can be considered as a controlled entity within the
power grid that can be operated as a single aggregated load or as a small power source,
which supports the operations of the power grid [20]-[24]. Apart from the satisfaction of
its load consumption, a community’s MG enhances local power reliability by regulating
voltage and operation frequency, reduces greenhouse emissions and promotes ecological
thinking through its RES operation, improves power quality and lowers energy supply
costs [25]-[35]. Nevertheless, the interest of the communities suffering the crisis is also
focused on the immediate revenues from the operation of their MGs by exploiting their
energy arbitrage [36]-[46].

Energy arbitrage refers to earning a profit by charging the community’s MG ESSs
when energy market price is low and by selling their stored energy at higher energy
market prices when the energy market price is high [30], [47]. The incomes from the
energy arbitrage can further be increased through the careful power production mix
among available ESS/DG/RES outputs of the community’s MG [36], [40], [41], [48]. The
units of community’s MGs, which are going to produce energy, and their level of
production are the result of an optimization procedure that aims at maximizing the daily
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total benefit (TB) of the community’s MG [49]-[51]. However, it should be noted that the
demand for electricity tends to be decreased during periods of economic crisis resulting
in lower energy prices. Therefore, it is evident that the arbitrage opportunities cannot be
considered as the main motivation to invest in community’s MGs.

The optimization procedure of maximizing the daily TB of the community’s MGs
is included into the proposed Hybrid Techno-Economic (HTE) model.
Actually, the HTE model consists of two modules, namely: (i) the technical module.
It defines the optimal power mix among available ESS/DG/RES outputs of the
community’s MG and the energy trade with the power grid in a long-term horizon.
The technical module incorporates the simplicity of Mixed Linear Integer Problem /
A Modeling Language for Mathematical Programming (MLIP/AMPL) method presented
and verified in [52]; and (ii) the economic module. Due to its simplicity, this module
permits its continuous (e.g., hourly) application without the need of specialized personnel
or special software. The economic module is used complementarily to the technical
module and provides very short-term decision adjustments.

On the basis of a plethora of simulation results as these are derived from the
HTE model, several interesting findings concerning the operation and financial
performance of community’s MGs are demonstrated in this paper. The detailed power
profile and the analytical cash flows related to the community’s MG operation are
extensively assessed. Except for the results concerning the baseline scenario, which have
already been validated in [52] and used in this paper, the financial stability of the
community’s MG is investigated when different power production and consumption
scenarios occur. In addition, using an extended portfolio of suitable power and financial
metrics, that is supported by the HTE model, the exact power and financial impact of the
operation of each component of the community’s MG is evaluated as well as the power
and financial reaction of the community’s MG when power changes occur.
Finally, the applicability, validity, and practicability of the economic module are
highlighted for different power production and consumption scenarios that may occur
when different policies concerning the power allocation among available power sources,
which are dictated by the economic module, are adopted.

The rest of this paper is organized as follows: In Section II, a synoptic cost-
benefit analysis of the community’s MG case is presented. Attention is given on the
energy arbitrage. Section III provides the analytical framework concerning the operation
of the HTE model (i.e., its modules and its objectives). In Section IV and V, a thorough
presentation of the technical module and the economic module of the HTE model is
outlined, respectively. In Section VI, extended numerical results and discussion identify
and assess the power and financial performance of community’s MGs and their
mitigating role against the crisis consequences. Section VII includes background to ideas
for future work. Section VIII concludes this paper.

Il. Economic Analysis of Community’s MGs

MG is no longer a novel idea. Rather, it is an academic and commercial venture
that needs time to prove its financial value. As the industry matures, MGs steadily move
from a curiosity to the reality [53].

In fact, the initial economic analyses of MGs have mainly focused on peak
shaving and capacity resource applications [41], [54]. Recently, there has been some
attention given to applying MG operation as a backup for intermittent RESs [38], [41],
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[44], [54]-[56]. In recent years, with the emergence of competitive energy markets,
several economic studies of MGs have appeared, covering a broader range of applications
[36], [45], [46], [57]-[61]. Among these studies, one very interesting application
highlights the role of MGs in order to achieve ‘small device’ energy arbitrage under the
assumption that MGs are small enough —i.e., their charge and discharge operations do not
affect the overall market price of energy—. Actually, this economic operation is mainly
achieved through the ESSs of MGs; ESSs absorb low-priced energy and then discharge it
during higher-priced hours [36], [49], [52].

To increase revenues from energy arbitrages, communities” MGs try to replace
their more expensive DG operation during peak load periods with less expensive types of
energy. These expensive types of energy can be either stored in their ESS or directly
delivered from the power grid. Community’s MGs may consist of different DGs and
ESSs rendering the problem of optimal DG/ESS outputs, and thus the issue of TB
maximization is significantly complicated; in most of the cases, the solution comes from
a mixed-integer linear problem. Recently, a series of methods has been proposed in order
to accurately determine the optimal mix among available ESS/DG/RES outputs and the
energy market [9], [17], [19], [32], [49], [52], [62], [63].

Nevertheless, on the basis of the small communities that decide to deploy MGs as
an additional revenue to their budgets, the 24-hour technical support of this sophisticated
equipment requires extra resources such as the cost of the specialized personnel that deals
with the community’s MG issues and the relative decisions concerning its operation.
To reduce these communities’ expenses and make the idea of community’s MGs more
tempting, the HTE model can be used. In fact, HTE model comprises a concatenation of
one technical and one economic module.

lll. HTE Model and its Modules
Actually, the HTE model, which is proposed in this paper, consists of
two modules, namely:
o Technical module. Based on historical weather data and long-term forecasts,
the technical module is applied in order to define the optimal energy mix among
available ESS/DG/RES outputs and the energy market in a long-term horizon.
The proposed technical module incorporates the optimization procedure of
MLIP/AMPL method presented in [52]. In Section IV, the technical module is
analytically presented.
e FEconomic module. As it concerns the short-term decision adjustments,
this module could be used so that essential decisions are taken in order to
compensate inevitable discrepancies that arise due to either divergences between
historical and real-time conditions or equipment malfunctions. The simplicity of
this module permits its continuous application without the need of specialized
personnel or special software. In Section V, the economic module is detailed.
Therefore, the technical module of [52] gives a long-term solution while the
economic module can provide short-term decision adjustments. Although the technical
module presented in [52] has an hourly resolution and an optimization horizon of about
24 hours, the technical module, used in HTE model, is applied in order to provide
long-term predictions based on historical data and long-term forecasts.

The goal of the HTE model is not only to provide an optimal mix solution among
ESS/DG/RES outputs and energy market but to offer a quick and convenient model for
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small communities that decide to install MGs so as to create additional revenues in order
to financially stimulate their local economies. More specifically, in techno-economic
terms, the objective of the HTE model is for given power change p% in the daily MG
production or load consumption (see also Section V), the community can still satisfy its
daily power needs while its daily TB change is maintained lower than p%. Actually, the
HTE model tries to implement an economic stable system where the
TB of the economic module is near to the TB of the baseline scenario that is defined by
the technical module (optimal solution and equilibrium point) [64].

IV. Technical Module
In accordance with [49], [52], to properly tune the technical module in a
long-term prediction mode, a number of key input parameters related with the operation
of community’s MG is required. In fact, there are two sets of parameters, which are
detailed in the following analysis, that are initiated in the technical module, namely:
o Power-related input parameters. These parameters are related to the power
production and power consumption characteristics of the community’s MG.
e Finance-related input parameters. These parameters have to do with the
operational cost and operational benefit of the community’s MG.
Similarly to its inputs, the technical module delivers two sets of outputs that correspond
to the optimal mix among available ESS/DG/RES outputs and power grid:
e Power-related output parameters. These parameters are: (i) Optimal power and
energy production/storage of ESS; (ii) Optimal power production of DGs;
(i11) Power production of RESs; and (iv) Optimal energy trade with the power grid.
o Finance-related output parameters. These parameters provide the base of the
cost/benefit analysis and are synopsized by the metrics: (i) Daily cost of ESS;
(i1) Daily cost of DGs; (ii1) Daily cost of RESs; (iv) Daily Market Benefit (MB);
and (v) Daily TB. The finance-related output parameters are also used by the
economic module.
On the basis of the maximization of the daily TB, the outputs of the technical
module are defined through the prism of energy arbitrage and of certain technical
constraints regarding the operation of community’s MGs [52].

A. Daily Cost of ESS
ESS of community’s MGs that is examined in this paper consists of battery
energy storage systems (BESSs). These BESSs are made up of small battery blocks in

series and in parallel connections. Prior to determine the daily cost of ESS C(f;li , there is

a need of evaluating two other related daily sub-costs, namely:
e Daily Capital Cost of ESS C.>° : Capital cost of ESS C > is a fixed,

daily.capital * capital
one-time expense realized during the purchase of ESS. It is the total cost needed
so as to bring ESS of community’s MG to its first commercially operable status
(e.g., purchase cost, installation cost, etc). In this paper, as the relevant costs and
gains are calculated in 24h, which is one day, the capital cost of ESS is
normalized on a daily basis, namely:
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Cc}lzaisli,capital = % -CRF (r . ) [S I?V\F;SS ) C]i];:cshise,kw +S 113\5}518 ’ Cli]fcshise,kWh] (1)
Ciantal
where
r(l + r)l
CRF(r,l)= ——+"— 2
(1) (1+r) -1 @

is the capital recovery factor that is used in order to normalize the capital cost of
ESS in present values, r is the interest rate, Sy, is the power capacity of BESS

in kW, SS9 is the energy capacity of BESS in kWh, C255 | is the purchase

purchase, kW

cost of BESS in $/kW and C;fizse,kw}‘ is the purchase cost of BESS in $/kWh

where § is the US dollar currency. Note that the ESS repayment period is assumed
equal to [ years. From eq. (1),
it is evident that the capital cost of ESS depends on the power capacity
—i.e., storable energy— and energy capacity —i.e., peak power that the storage must
deliver— of its BESSs; say the capital cost is proportional to the size of its BESSs

[49].
o Daily Maintenance Cost of ESS C i?lf,’maimmm: The maintenance cost of ESS
Cc™s . is the annual maintenance cost of ESS. Similar to the capital cost,

the maintenance cost is proportional to the size of BESS and is given by

CESS _ L . Sgglsls . CBESs 3)

daily,maintenance 3 6 5 maintenance, kWh

ESS
Cmaimen ance

where C25%° is the maintenance cost of BESS in $/(kWh-year). The

maintenance, kWh
maintenance cost is a variable cost.
With reference to eqs (1) and (3), the ESS daily cost of community’s MG is
defined by the sum of the above two daily costs:

C(i?lysy = Ci?li,capital + C(i?l?/,maintenance 4)
B. Daily Cost of DGs

DGs of community’s MG that are examined in this paper consist of MTs and FC
units. DGs are small single-staged combustion turbines while their power generation
varies from few kWs to few MWs. DGs can be powered by diesel, natural gas or
hydrogen [52]. Also, more than one DG is usually deployed in a community’s MG.

Similarly to the daily cost of ESS, prior to determine the daily cost of DGs Cp* | there is

daily »
a need of evaluating three other relevant daily sub-costs, namely:
e Daily Capital Cost of DGs Cp5 : It depends on the size of DGs of

dailycapital
community’s MG and their operating hours. In fact, the daily capital cost of each

DG C (]lzg;/i,capital of community’s MG includes its DG purchase cost, DG installation

cost, DG maintenance cost and DG fuel cost. Similarly to eq. (1) and in
accordance with [52], [65], the daily capital cost of DGs is determined from
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24

noDG
DGs _ DG,i DG,i,1 DG,i DG,i,2
Cdaily,capital - Z |:ZUt ) (C + F)t ’ C ):| (5)

i=l1 t=1

DG, i
Cdeuly capital

where Cp0  is the daily capital cost of ith DG, noDG is the number of DGs

dailycapital
installed in the community’s MG, ¢ is subscript indicating the hour index,
UPY' is a vector of binary integers representing unit status of ith DG at hour ¢,
PP"% is the output power of ith DG in kW at hour ¢, and C"%"' and C"*"* are

the normalized daily purchase costs of ith DG in $/h and $/kWh, respectively.
e Daily Start-Up Cost of DGs Cp& : The daily start-up cost of DGs is

daily start-up
determined from

DG noDG ([ 24 DG DG.i
Cdajl}sl,staxt—up = Z( SU™ -d ’lj (6)

i=l1 t=1

where SUPY' is a vector of binary integers representing start-up status of ith DG
at hour # and d °°’ is the start-up cost of ith DG in $/start.

e Daily Spinning Reserve Cost of DGs Ciﬁ;spmmng: Total spinning reserve is the

total amount of power generation available from all DGs, which are synchronized
with the power grid, plus the available energy storage in ESS minus the
load consumption [52]. The daily spinning reserve cost of DGs is determined
from

noDG [ 24 noDG [ 24
DGs _ DG,i DG,i | ~ : DG,i DG,i DG,i DG,i DG.i DG,i
Cdaily,spinning - ZRI r = Z Z [mln{Rl 0 ' Ut > Pmax ) Ut - Ijt }] T

i=1 t=1 i=1 t=1
(7)
is the reserve cost of

i

where RP%' is the spinning reserve of ith DG at hour ¢, rPo

ith DG in $/kW, R10"%" is the 10-min reserve capacity of ith DG, P> is the

maximum power outputs of ith DG and min{x,y} returns the smallest value

between either x or y.

With reference to eqs (5), (6) and (7), the DGs daily cost of community’s MG is
determined by the sum of the above three daily costs:

CDGS — CDGS | + CDGS + CDGS (8)

daily dailycapital daily start-up daily,spinning

C. Daily Cost of RESs

RESs are the green component of the community’s MG. The intermittent and
stochastic power generation obtained from the RESs, such as wind or PV systems of this
paper, poses technical and economic obstacles when these are integrated in MGs. This is
due to the insertion of significant uncertainties into the operation and power production
planning of MGs [66]-[70].

To define the daily cost of RESs Ciﬁis, there is a need of evaluating its two

component daily costs, that are the daily cost of wind source and the daily cost of
PV sources, namely [52]:
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e Daily Cost of Wind Source C m’y'd Wind power is currently the most widespread

RES in the world.

The daily cost of wind source is determined from
24

Wind __ Wind Wind Wind
Cdaily = zUt B e ©)
t=1

where UV is a binary integer representing unit status of wind source at hour ¢,
PY" is the output power of wind source in kW at hour ¢ and ¢"™ is the wind

energy cost in $/kWh.

e Daily Cost of PV Source Cfa\i;y: PV power is high intermittent since it depends

either on the day-night cycles or on the local weather conditions. In contrast with
the wind sources, the generated power from PV systems represents a very low
capacity percentage of the global power production at the moment.

The daily cost of PV source is determined from

24
Cony = 2 UV -PIY ™ (10)

t=1
where UV is a binary integer representing unit status of PV source at hour ¢,

P"V is the output power of PV source in kW at hour ¢ and ¢"" is the PV energy

cost in $/kWh.
With reference to eqs (9) and (10), the RESs daily cost of community’s MG is
determined by the sum of the above two daily costs:
Caaty = Caaty + Caiy (11)
As it concerns the daily capital cost, daily start-up cost, and the daily maintenance

Wind

cost of RESs, these are included in the energy costs ¢ and ¢’ as shown in

egs. (9) and (10), respectively (for more details, see in [49], [52]).

Note that, in accordance with [52], the investment cost of RESs is assumed equal
to zero. This assumption is also maintained in this analysis so that direct comparisons
among daily economic results of [52] can be given.

D. Daily Market Benefit

Communities and their grid-connected MGs actively participate in the energy
market operations. In accordance with the buy/sell energy operations and the prices of the
energy market, the optimization problem becomes the maximization of the

daily TB 7B, - Daily TB can be considered as the daily market benefit MB,,; minus

the daily costs of community’s MG, which have been already presented in
Sections IVA-C.

As it concerns the evaluation of daily market benefit, it should be noticed that
community’s MGs can trade energy with the power grid and sell energy to the
community’s consumers.

In the case of the energy trade, the power grid can be considered as a bidirectional
generator; it generates positive power when the power is transferred from the power grid
to the community’s MG whereas it generates negative power when the power is
transferred inversely —i.e., from the community’s MG to the power grid—.
This energy trade between community’s MG and the power grid is limited by the
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capacity of the distribution lines that connect the community’s MG with the power grid.
Anyway, in the case of community’s MGs, taking into account its system size, it is safely
assumed that the power grid can always supply all the necessary reserves. In essence,
community’s MGs can free-ride on the power grid.

As it regards the consumers of the community’s MG, their power consumption
during the day is described by the power behavior of community’s MG load Load, .

The energy sale to the consumers defines the benefit term of the consumer trade.
Therefore, the daily MB ( MB . ) consists of the daily market benefit due to the

daily

energy trade (MB, 4, ) and the daily market benefit due to the consumer consumption

(MB, 4, )- Then, the daily MB is given by

24 noDG ) 24
MBy,, = Z{— MP, - Y (PPS )}Z[MB Load, | (12)
| =l

t=1 i=1

MB, MB, 4,1y

1,daily

where MP, 1is the energy market price.

E. Daily TB
The objective function of the technical module focuses on the maximization of the
daily TB of community’s MG. Already mentioned in Section IV(D), daily TB can be
considered as the daily market benefit minus the daily costs of community’s MG.
With reference to egs. (4), (8), (11) and (12), the daily TB is given from
B = MBdaily - C(EJ'ESS - Cd]?ag; - C(fmsl?/ (13)
To maximize the daily TB of eq. (13), a set of technical constraints is required so
that the operation of the components of community’s MG is efficiently regulated.
More specifically, these constraints, which are analytically presented in [52], are grouped
into the following sets: (i) the real power balance concerning community’s MG;
(i1) the operation of DGs (minimum power production of larger online generator,
maximum power production per DG P>, i=1,..,noDG); (iii) the operation of ESS

daily

(minimum energy charged and discharged to ESS, minimum ESS spinning reserve
capacity); and (iv) the combined operation of RESs with ESS (system spinning reserve,
system 10-min operating reserve).

V. Economic Module

Historical weather data, load consumption, and market prices of the energy
markets are easily available nowadays. Taking under consideration these input data and
after applying the required technical constraints to the operation of community’s MGs,
the technical module establishes the basic economic case for community’s MGs in a
long-time horizon (baseline scenario).

However, long-term predictions suffer from significant divergences that can
create either important daily TB differences or the technical stability loss of the
community’s MG. In addition, as it concerns the application of the technical module,
there are certain additional constraints regarding its real-time application; taking under
consideration the limited budget of a community and the required retrenchment
concerning employee operating expenditures, there is a need of receiving simple and
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quick decisions regarding community’s MG operation without seriously deviating from
the baseline scenario and affecting its economic stability.

To establish a simple economic module, its related economic decisions doing with
the consumption/generation attributes of ESS, DGs, RESs and power grid must satisfy
the existing power needs without, however, violating the imposed technical constraints.
Thus, by implementing a low-complexity and accurate economic module, there will be no
need of real-time application of the technical module and, at the same time, the
divergences from the initial optimal daily TB remain small and straightforward evaluated.
Therefore, the simplicity of the economic module can capture the real life constraints
sufficiently.

To support a simple economic module and to bypass the continuous use of the
technical module, the decisions of the economic module must not influence the more
complex sets of the technical constraints of the technical module (i.e., the operation of
ESS and the combined operation of RESs with ESS). Thus, the decisions of the economic
module must focus on the operation of DGs, which is only limited by the relaxed
technical constraint of the minimum capacity of larger online generator, and the evident
constraint of maximum power production per DG, which follows the general constraint
of the balance of the real power.

Based on the aforementioned concept, there are three different MG energy
policies that can deal with the mitigation of the occurred power changes during the daily
MG power generation or load consumption. These three different MG energy policies
that are imposed by the economic module are: (i) MG Policy A: the power changes are
first mitigated by the power grid and the remaining power part is adjusted through the
operation of the already working DGs;
(i1) MG Policy B: the power changes are first mitigated by the operation of the working
DGs and the remaining power part is channelized to the power grid; and
(ii1)) MG Policy C: the power changes are adaptively counterbalanced by the combined
use of the working DGs and energy market. The participation percentage of DGs and
energy market is set on a daily basis and remains fixed during the day.
This last MG policy combines the advantages of the adaptive systems and the
manipulation simplicity of non-specialized personnel.

Although the technical module insists on defining the optimal mix among
available ESS/DG/RES outputs and energy market, the economic module focuses on
maintaining the community’s MG operation near the proposed solution of the technical
module providing, thus, a quasi-optimal solution. Actually, following the HTE model,
three different scenarios describing potential power changes can be easily confronted,
namely: (i) Scenario A: the load power consumption increases/decreases to p% with
respect to the baseline scenario; (i1) Scenario B: the wind source production and/or PV
source production increases/decreases to p% with respect to the baseline scenario; and
(111) Scenario C: combined increases/decreases of the load power needs and RES power
production with respect to the baseline scenario. In fact, the technical module of
HTE model is an optimization model, where the constraints have a physical meaning,
so its solution, which recommends the optimal power allocation over time, depends on
the constraints and the objective function. If renewable power or load is changed, the
binding constraints will change the optimal solution, and this will happen in a complex
way since there are many binary variables involved. Applying the aforementioned
three scenarios and assuming small divergences among real and predicted data,
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the complex analysis of the technical module can be disregarded, since the MG can
operate freely within capacity bounds giving a quasi-optimal solution.

VI. Discussion and Numerical Results

The simulation results of this Section aim at investigating: (i) the relation among
real system parameters of community’s MG, power production/consumption, and related
financial data; (ii) the reaction of the HTE model against power production/consumption
changes; and (iii) the assessment of the economic results when the aforementioned
changes occur and different MG policies are applied.

In the following simulation results, a real community’s MG is assumed during a
typical day [52]. This MG consists of three main subcomponents (i.e., ESS, DGs, and
RESs) while its exact structure is detailed in [52]. Based on the real technical properties
of [52] and [71], the properties of these subcomponents are synopsized as follows:

e In the case of ESS, the size of its BESS S5->% is equal to 500kWh, the purchase

kWh

costs of BESS CP5*° o and CP°X° o are assumed equal to 0$/kW and

purchase, k purchase, kW
600%$/kWh, respectively, the interest rate r is equal to 6%, the ESS repayment
period [ is equal to three years and the maintenance cost of ESS C55 is

maintenance
assumed equal to 2000$. The maximum charge and discharge power limits are set
at 50% of its full capacity. The minimum capacity is set at 10% of the full
capacity (i.e., 50kWh) while the maximum capacity is the full capacity of BESS
(i.e., 500kWh).
e In the case of DGs, there are two MTs (i=1,2) and one FC (i=3). The maximum
power outputs of DGs PP9', pP%2 and PPS are equal to 2000kW, 1000kW

and 1000kW, respectively, whereas their minimum power outputs Poo', PP9?

min ? min

and P>9° when they are online are equal to 100kW. The 10-min reserve

capacities of DGs R10°%', R10°%? and R10"°” are equal to 2000kW, 1000kW

and 1000kW, respectively. The normalized daily purchase costs of DGs
[CDG,I,I CDG,I,Z] [CDG,2,1 CDG,Z,Z] and [CDG,3,1 CDG,3,2] are equal to

[30$/h, 0.13$/kWh], [50$/h, 0.35$/kWh] and [80$/h, 0.50$/kWh], respectively,
the start-up costs of DGs d °%', d°%* and d"%” are equal to 150$/start, 30$/start

and 30$/start, respectively, and the reserve costs of DGs "%, #°®* and r

are equal to 0.010$/kW.
e In the case of RESs, there are one wind and one PV system:
o For the wind system, its maximum power output PV is equal to

1000kW. The cut-in wind speed, the rated wind speed, and the cut-off
wind speed are equal to 3m/s, 12m/s, and 30m/s, respectively.
o For the PV system, the conversion efficiency of the solar cell array » is
equal to 15.7% and its array area is equal to 7000m?.
To compute the power output of wind and PV systems, real environmental data

are considered: the forecast wind speed and solar radiation are presented in Fig.2
Wind

DG.3

and Fig. 3 of [52], respectively. The wind energy cost ¢ and the PV energy
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cost ¢’” are assumed to be equal to 90$/MWh and 210$/MWh, respectively [32],

[71].

As it has already been mentioned, the community’s MG is connected to the
power grid. Based on the load consumption and ESS/DG/RES power generation, this
interconnection permits the community to buy and sell energy with the energy market.
Actually, the community buys energy during the peak consumption periods and sells it
during the valley consumption period while the limit of the power transfer between the
community’s MG and the power grid is set at 1000kW. Except for the energy arbitrage
that can occur, the power grid offers the required reserve for the community’s MG.
To assess the economic impact of the energy arbitrage and power support, the energy
market price is required. Based on real data [52], the energy market price is reported in
Table 1.

Synoptically, the wind power output, the PV power output as well as their sum
(i.e., RES power output) are plotted with respect to the time during a day in Fig. 1(a).
In Fig. 1(b), the RES power generation and the load power consumption of the
community’s MG are drawn with respect to the time [52]. In Fig. 1(c), the energy market
price of the power grid, which is reported in Table 1, is curved with respect to the time.

Generalizing the observations of Fig. 1(a), it is obvious that the continuously
growing amount of RESs influences the daily stability of power grids [67]-[69].
In contrast with DG systems, the power production of wind and PV systems is fluctuating.
Although predictions have significantly been improved during the last years, an outage of
multi-kW wind and PV farms poses a challenging problem [17], [72]-[82].
Hence, the RESs of the community’s MG need to cooperate with contiguous ESS
facilities in order to cope with their fluctuating nature. In addition, wind systems present
more prevalent power production behaviors during the overnight hours in contrast with
installed PV systems. Actually, the overnight hours are characterized by low power
demand that is reflected on the low market prices of energy during these hours
—see Fig. 1(c)—. Large ESSs and large energy trade with the power grid use can
ameliorate the need for intermittent power generation sources to cover peak demand [11].
Moreover, from Fig. 1(b), it is evident that the RESs of the community’s MG combined
with the ESSs cannot be the sole provider of energy for the community’s MG since the
load consumption cannot be satisfied. Therefore, there is a need of an additional power
production that can come from either the ESS/DGs of the community’s MG or the power
grid. The optimal mix among the different power sources is defined by the HTE model.

A. Baseline Scenario and the Implementation of the Technical Module of the

HTE Model
The aforementioned key input parameters are inserted into the HTE model.
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Table 1. Energy Market Price of the Power Grid

Hour 1 2 3 4 5 6 7 8 9 10 11 12
Price 0.11 | 0.10 | 0.11 | 0.09 | 0.11 | 0.11 | 0.13 | 0.15 | 0.26 | 0.30 | 0.35 | 0.40
($/kWh)
Hour 13 14 15 16 17 18 19 20 21 22 23 24
Price 0.50 | 0.40 | 0.30 | 0.30 | 0.40 | 0.50 | 0.30 | 0.26 | 0.15 | 0.13 | 0.10 | 0.11
($/kWh)
4000 | | | T T T T T
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Figure 1. (a) Power production of RESs. (b) The contribution of RES power production (&)
against load demand (H). (c) Energy market price.

To evaluate the optimal mix among available ESS/DG/RES outputs and energy market,
the technical module of the HTE model appropriately combines these input parameters in
a mixed-integer linear problem as presented in [52]. Prior to evaluate the daily TB of the
community’s MG as well as the other cost-related metrics, the first output of the technical
module includes the power-related metrics, namely: the DG power output,
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the ESS power output with the energy stored in ESS as well as the exchanged power
between community’s MG and the power grid.

As it concerns the DG operation, the DG1 power output (i.e., power output of
MTI1), the DG2 power output (i.e., power output of MT2),
the DG3 power output (i.e., power output of FC), and their sum (i.e., DG power output)
are simultaneously plotted with respect to the time during a day in Fig. 2(a). In Fig. 2(b),
the sum of DG power output and RES power output is drawn against the load power
consumption with respect to the time.

As it concerns the ESS operation of the community’s MG, in Figs. 3(a) and 3(b),
its power output and its stored energy are plotted versus time during a day, respectively.
In Fig. 3(c), the sum of ESS power output with DG and RES ones is curved against the
load power consumption with respect to the time.

As it concerns the energy trade between community’s MG and power grid, this is
plotted versus time during a day in Fig. 4(a). In Fig. 4(b), the sum of the power grid trade
with the power outputs of ESS, DG and RES is curved against the load power
consumption with respect to the time.

Comparing Figs 2(a), 2(b), 3(a), 3(b), 4(a) and 4(b), interesting conclusions
concerning the community’s MG operation as well as the technical module optimization
procedure can be deduced:

e Already mentioned, RESs of the community’s MG cannot fully satisfy the
community’s power consumption. In order to enhance the power production of
the community’s MG, DG systems cooperate with RESs towards the mitigation of
load consumption divergences. Based on the energy of ESS system, the DGs can
be shut down during some time periods to save cost under the same technical
constraints. However, the load consumption still remains unsatisfied during the
day. Through the interconnection of the community’s MG with the power grid,
the community can buy power from the energy market when the energy market
price is low and sell power to the power market when the energy market price is
high and, at the same time, fixes the power differences between generation and
consumption. Actually, the DG operation has been adjusted so that the
aforementioned energy arbitrage can create revenues for the community while the
power grid supports the system reserves of the community’s MG.

e For an effective comparison, the starting and ending limits of ESS are set at its
full capacity. Under this constraint, ESS only balances the power in the
community’s MG without supplying/absorbing extra energy to/from the
community’s MG, respectively. Clearly shown in Fig. 3(b), ESS supplies power
to the community’s MG during the peak load period while it is charged up during
the low market price period. The energy stored in ESS will remain unchanged for
the rest of the time.

e From Fig. 4(b), it is evident that the curves of power generation and power
consumption of the community’s MG are converging. Indeed, the optimal mix
among the different power sources, which is defined by the technical module,
satisfies the real power balance of community’s MG.
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Figure 2. (a) Power production of DGs. (b) The contribution of DG and RES power
production (ll) against load demand (IH).
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Apart from the power-related metrics, the main advantage of the technical module
of the HTE model is that permits the correlation of these metrics with financial related
ones. Although the latter metrics are valuable for economically describing the baseline
scenario in this subsection, they are also used by the economic module in order to assess
its supported MG policies.

The financial metrics, which are applied in this paper, can be further divided into
three subgroups, namely: (i) the daily cost-related metrics; (ii) the daily gain-related
metrics; and (ii1) the daily TB. Based on these metrics and in order to investigate the
financial behavior of the community’s MG during the day, the cumulative version of
these metrics is applied; the cumulative version describes the progressive absolute change
of metrics during the day.

More analytically, in Fig. 5(a), the daily cost-related metrics that are the
cumulative daily cost of ESS, the cumulative daily cost of DGs, the cumulative daily cost
of RESs, and the cumulative total daily cost are plotted versus the time. The cumulative
daily MB, the cumulative daily market benefit due to the energy trade (cumulative daily
MBI1) and the cumulative daily market benefit due to the consumer consumption
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(cumulative daily MB2), which constitute the daily gain-related metric set, are drawn
with respect to the time in Fig. 5(b). In Fig. 5(c), the cumulative daily TB is drawn versus
the time.

From Figs. 5(a)-(c), several interesting remarks concerning the financial behavior
of community’s MG can be pointed out:

e The behavior of the different components of community’s MG is reflected on the
daily progress of their financial metrics as depicted in Fig. 5(a). First, the primary
cost of community’s MG is the cost related to the operation of DGs. This explains
the reduced operation of all DGs, which is presented in Fig. 2(a); even if there are
three DGs in the community’s MG, only one of these (i.e., DG1) operates from 8h
to 23h. DG3 is permanently offline whereas DG2 sporadically operates (i.e., from
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12h to 15h and from 16h to 19h). Anyway, the start-ups of DGs are reflected on
slope changes of DG daily cost. Second, the daily costs of ESS and RESs are
significantly lower that the DG daily cost. Actually, these costs present a
relatively stable cost behavior. The daily costs of ESS and RESs constitute only
the 33% of the total cost.

e Due to their revenues, community’s MGs are profitable investments and an
interesting remedy against any financial difficulties and liquidity shortage that can
be presented in communities. In fact, there are two different ways of collecting
revenues when communities decide to deploy MGs: market benefit due to energy
trade with the power grid (energy arbitrage) and the market benefit due to the
energy sale to the consumers. As it concerns the energy arbitrage, it is now more
obvious that: (i) the community purchases low-cost off-peak energy from lh to Sh
and sells it during periods of high prices, say from 10h to 20h; and
(i1) the community increases the utilization of baseload DGs and decreases the use
of peaking DGs [83]. In fact, the energy arbitrage can reach up to 25% of the MB
that corresponds to approximately 5000$ per day. This is a significant amount that
can cover different daily expenditures of the community.

e Based on the observations of Fig. 5(c), the main benefit occurs during the
morning and afternoon hours whereas the ESS charging occurs during the night
hours. Anyway, the technical module adjusts the operation of the community’s
MG components with the main objective of maximizing the daily TB. This is the
reason for the very low TB during night hours; during these hours, the community
buys energy from the power grid creating marginal financial losses
(i.e., TB remains below zero till 10h and TB decreases after 22h). TB increases
till 21h, which is, anyway, validated by its positive slop. In addition, except for
the TB, it is important to highlight the distinctive roles of power grid and
ESS towards the stability of the community’s MG. Finally, apart from the
revenues from the energy arbitrage, a significant amount from the energy sale to
the consumers inserts into the community’s fund. In brief, the daily TB is equal to
83818.

During a typical day, the community projects will collect approximately
8500% per day. However, a crucial matter regarding the community’s budget is the
stability of these daily revenues from the community’s MG. The financial stability helps
towards a better financial planning and lower dependencies on banking loans so that the
community’s payments can be safely regulated.

B. The Philosophy behind MG Policies

As it has already been described, economic module helps towards the bypass of
the complicated technical module. Towards that direction, the economic module can
adopt one of the three available MG policies and can apply it to the power and financial
results of the baseline scenario in order to mitigate any potential power change either in
power production or in power consumption.

As it concerns MG policy A, its objective is to counterbalance the arisen power
changes via the energy trade from the power grid while the remaining power part can be
covered by the operation of the already working DGs. Observing Fig. 5(b), it is obvious
that the energy arbitrage can reach up to 25% of the MB while the remaining 75% of the
MB is defined by the energy sale to the consumers. The concept behind the MG policy A
is that the coverage of the arisen power changes via the energy market mainly influences
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the gain of the energy arbitrage without directly affecting the power sale to the consumers.
As it regards MG policy B, the objective is to cope with the arisen power changes via the
operation of the already working DGs, and the remaining power part can be covered from
the energy trade with the power grid. Observing Fig. 5(a), it is obvious that the DGs’ cost
can reach up to 67% of the total cost. The repletion of the power changes via the working
DGs mainly focus on the DG cost. Actually, the reduction of
DG operation hours can decrease the DG cost whereas increase of the operation hours of
existing DGs exploit the economy of scale avoiding new start-up costs.

For MG policy C, this policy combines the strong points of MG policy A and B.
Since the TB depends on gains and costs, an efficient policy could allocate the power
changes either in gain factors or in cost factors. Hence, based on a fixed percentage
allocation between DG operation and energy market on a daily basis, MG policy C
compromises the power changes and the relevant financial results.

As it concerns the performance of MG policies, the objective of the HTE model is
that for given power change p% in the daily MG power production or load consumption,
the community still satisfies its daily power consumption while its daily TB change is
maintained lower than p%. The efficiency of the aforementioned MG policies is going to
be investigated in terms of their daily TB as well as their daily TB stability. The power
changes that are examined are of the order of £20%, which constitute typical upper and
lower limits of power divergences between real and forecasted data.

C. Scenario A and MG Policies

Through its MG policies, the economic module provides quick and convenient
suggestions against temporary power divergences either in production or in consumption
avoiding the application of the complicated technical module. Among the stochastic
variables of the community’s MG, the load is a highly variable time-dependent parameter
that critically influences the operation of the components of the community’s MG and the
TB. In order to examine the performance of MG policies against load instabilities, load
changes of the order of +20% (upper load limits) and -20% (lower load limits) compared
with the load consumption of the baseline scenario are assumed during the whole day.

In Figs. 6(a), 7(a) and 8(a), the cumulative daily cost is plotted versus the time for
the upper, baseline and lower load limits when the MG policy A, B and C is adopted,
respectively. Note that the power allocation between the power grid and the
DG operation in MG policy C is assumed equal to 50%. In Figs. 6(b), 7(b) and &(b),
respective plots are given in the case of the cumulative daily gain while in Figs. 6(c), 7(c)
and 8(c), respective plots are given in the case of the cumulative daily TB.

From Figs. 6(a)-(c), 7(a)-(c) and 8(a)-(c), it is obvious that the aforementioned
three MG policies succeed in sustaining the financial stability of community’s MG even
in the most extreme power change cases of load consumption. With respect to
the daily TB, MG policy B better manages the load increase of community’s MG.
Covering the arisen power needs through the more intensive operation of the already
working DGs, MG policy B efficiently preserves the energy trade with the power grid,
thus, protecting the revenues from the energy arbitrage. In contrast, when the load
consumption decreases, MG policy B presents the worst TB results since the
community’s MG stops to exploit the cheap kWh of its DGs. During this system
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Figure 6. Financial metrics versus time for the scenario A when MG policy A is adopted.
(a) Daily cost-related metrics. (b) Daily gain-related metrics. (c) Daily TB.
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Figure 7. Same as in Fig. 6 but for MG policy B.
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Figure 8. Same as in Fig. 6 but for MG policy C (the percentage allocation is equal to 50%).

condition, MG policy A better allocates the power differences between power grid and
DG operation. MG policy A prefers the low cost power production of the DG operation
selecting to channelize all load consumption differences through the reduction of energy
trade with the power grid. Anyway, insisting on the DG operation, MG policy A
jeopardizes the stability of the community’s MG operation requiring further grid
frequency regulation and power oscillation damping [35], [84]-[87].

MG policy C, which equally allocates the power needs between DG operation and
power grid (i.e., the allocation percentage is equal to 50%), presents a compromise
between MG policy A and B with decent TB results in various load cases. However, the
power change management of MG policy C could be further improved by exploiting its
adaptive nature. More specifically, in Fig. 9(a), the daily cost is plotted versus the
allocation percentage for the upper (+20%), case A (+10%), baseline, case B (-10%) and
lower (-20%) load limits when the MG policy C is adopted. Note that the percentage
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allocation describes the percentage of load difference that is covered by the power grid
while the remaining power percentage corresponds to the power needs that are satisfied
by the DG operation. In Figs. 9(b) and 9(c), respective plots are given in the case of the
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lower (™ ™) load limits when MG policy C is adopted. (a) Daily cost-related metrics.
(b) Daily gain-related metrics. (c) Daily TB.

daily gain and the daily TB, respectively. In Figs. 10(a)-(c), the daily cost difference,
the daily gain difference and the daily TB difference in comparison with the baseline
scenario are drawn with respect to the allocation percentage, respectively, when the
MG policy C is applied for the upper, case A, baseline, case B, and lower load limits.
From Figs. 9(a)-(c) and 10(a)-(c), it is obvious that MG policy C, using its power
allocation adaptability, achieves a better mitigation of load divergences in comparison
with MG policy A and B in the community’s MG. More specifically, in the case of the
upper load limits, MG policy C creates maximum daily TB difference of 1061$ since it
allocates all the power needs to the DG operation (i.e., the allocation percentage is equal
to 0%). This daily TB difference is greater than or equal to the respective daily TBs of
MG scenario A and B, which are equal to 0$ and 10618, respectively. Similarly, in the
case of lower load limits, MG scenario C presents its best daily TB difference result,
which is equal to -1285$, when it allocates all the power lacking to the power grid. Again,
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this daily TB is greater than or equal to the respective daily TB differences of
MG scenario A and B, which are equal to -1286$ and -1723$, respectively.
Actually, except for the upper and lower load limits, MG policy C efficiently imitates
MG scenario B and A when load increases and decreases occur, respectively.

In addition, observing the dependence of daily TB on the allocation percentage,
it is obvious that the daily TB rapidly diminishes as the allocation percentage increases
when load consumption increases too. This dependence is almost linear. Conversely,
the daily TB presents almost stable behavior for different allocation percentages when
load consumption decreases. For given type of load changes (either load consumption
increase or decrease), these behaviors remain the same regardless of the corresponding
change percentage. Anyway, MG policy C can adaptively and easily change its allocation
percentage depending on the load conditions so that better financial performance of
community’s MG can be achieved.

Until now, it is proven that the HTE model succeeds in satistfying the daily power
consumption of the community’s MG and in maintaining financially logical daily TB
changes. Except for the daily power needs, the HTE model should maintain its daily TB
change lower than p% for given power change p% in the daily load consumption. To
examine this condition, in Table 2, the relevant difference of daily TB is investigated for
different MG policies —i.e., MG policy A, MG policy B, MG policy C (0%),
MG policy (50%), and MG policy (100%)— when different load conditions occur
(i.e., upper, case A, baseline, case B and lower load limits).

From Table 2, it is validated that for given power change p% in the daily load
consumption, the community still satisfies its daily power needs while its daily TB
change is maintained lower than p% in the majority of the load scenarios examined.
Negligible divergences of the order of 0.5% occur only in the case B and lower load
limits when MG policy B and MG policy C (0%) are adopted. On the contrary,
MG policy A and MG policy C (50%) guarantee higher financial stability than the other
examined MG policies. Thus, the HTE model can be considered as a
quasi-stable economic system for all MG policies that are supported by its economic
module.

D. Scenario B and MG Policies

As it concerns the variable load conditions that can occur during the operation of
a community’s MG, the economic module provides quick and convenient solutions in
order to mitigate them. Nevertheless, the efficiency of the economic module should be
examined when temporary power divergences occur in the power generation. The main
power sources that suffer from intermittency and power uncertainty are wind and PV
systems; say, the RES power production of the community’s MG.

RES production fluctuations occur due to: (i) variable weather conditions that
affect wind and PV production; (ii) forecast data deviations either in wind speed or in
solar radiation; and (iii) technical issues concerning the equipment and installation of
RESs. In order to examine the performance of MG policies against RES power
generation instabilities, power production changes of the order of +20% (upper load
limits) and -20% (lower load limits) compared with the power production of the baseline
scenario are assumed during the whole day. These power production changes are
investigated for wind, PV and total RES systems.
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Table 2. Relevant difference of daily TB (%) versus different MG policies and load conditions.

Load conditions
MG Policy Upper Case A Baseline Case B Lower
(+20%) (+10%) (0%) (-10%) (-20%)
A 0% 0% 0% -6.6% -15.3%
B 12.7% 4.9% 0% -10.3% -20.6%
C (0%) 12.7% 4.9% 0% -10.3% -20.6%
C (50%) 4.9% 2.5% 0% -8.1% -16.9%
C (100%) 0% 0% 0% -6.6% -15.3%

In Figs. 11(a)-(c), the cumulative daily TB of wind systems is plotted versus the
time for the upper, baseline, and lower load limits when the MG policy A, B or C is
adopted. Note that the power allocation between the power grid and the
DG operation in MG policy C is assumed to be equal to 50%. In Figs. 12(a)-(c),
respective plots are given in the case of the PV system while in Figs. 13(a)-(¢c), respective
plots are given in the case of the total RES system.

From Figs. 11(a)-(c), 12(a)-(c) and 13(a)-(c), it is evident that the power changes
of wind systems present higher TB impact in comparison with the respective ones of
PV systems. This is due to the fact that the power production of wind systems extends
during the whole day whereas the power production of PV systems is confined during the
day hours. Anyway, regardless of the MG policy adopted, the TB impact of the power
changes of the total RES system is significantly lower than the TB impact of load power
changes (comparing with Figs. 6-8).

Although the daily TB fluctuations due to RES power production changes are
generally low, MG policies A and B present the best TB results when RES power
production increases and decreases, respectively. This is the opposite MG policy choice
during the load changes. In brief, MG policy A is suitable for mitigating load decreases
and RES power production increases whereas MG policy B is appropriate to counteract
load increases and RES power production decreases.

As it has already been mentioned, adjusting its allocation percentage,
MG policy C can efficiently deal with the RES power production increases and decreases.
In Fig. 14(a), the daily TB is plotted versus the allocation percentage for the upper
(+20%), case A (+10%), baseline, case B (-10%) and lower (-20%) RES power
production when the MG policy C is adopted. In Fig. 14(b), the daily TB difference in
comparison with the baseline scenario is drawn with respect to the allocation percentage
when the MG policy C is applied for the upper, case A, baseline, case B. and lower RES
power production.

From Figs. 14(a) and (b), it is obvious that MG policy C exploiting its power
allocation adaptability better mitigates RES power generation divergences in
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(b) MG policy B. (c) MG policy C (50%).
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Figure 14. Financial and differential financial metrics versus allocation percentage for the
upper (™™=), case A (''''"""), baseline (™), case B (''''') and lower (™™) RES power
production when MG policy C is adopted. (a) Daily TB. (b) Differential daily TB.

comparison with MG policy A and B in community’s MG. Similarly to the behavior
against load changes, in the case of the upper RES power generation limits, MG policy C
creates maximum daily TB of 8629$ selling all the power surplus to the energy market
(i.e., the allocation percentage is equal to 100%). This daily TB is greater or equal to the
respective daily TB of MG scenario A and B. Similarly, in the case of lower RES power
generation limits, MG scenario C presents its best daily TB result, which is equal to
79878%, when it removes all the power lacking from the cheap kWh of the DG operation.
Again, this daily TB is greater or equal to the respective daily TB of MG scenario A and
B. Actually, the same behavior of MG policy C occurs when different RES power
generation limits are considered.

Moreover, the dependence of daily TB on the allocation percentage presents
almost linear behavior regardless of the change of RES power production. Anyway,
MG policy C can adaptively and easily change its allocation percentage depending on the
RES production so that better financial performance of community’s MG is achieved.

Similarly to load changes, the HTE model should maintain its daily TB change
lower than p% for given RES power production change p%. To examine this condition,
in Table 3, the relevant difference of daily TB is investigated with regard to the adopted
MG policy —i.e., MG policy A, MG policy B, MG policy C (0%), MG policy (50%), and
MG policy (100%)— when different RES power production conditions occur (i.e., upper,
case A, baseline, case B, and lower load limits).

From Table 3, it is verified that for given power change p% in the daily
RES power production, the community still satisfies its daily power consumption while
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Table 3. Relevant difference of daily TB (%) versus different MG policies and RES power
production conditions.

Relevant RES power production conditions

difference of
daily TB (%)

MG Policy Upper Case A Baseline Case B Lower

(+20%) (+10%) (0%) (-10%) (-20%)

A 3% 1.7% 0% -4.4% -8.8%

B -0.5% -0.2% 0% -2.3% -4.7%

C (0%) -0.5% -0.2% 0% -2.3% -4.7%

C (50%) 1.4% 0.7% 0% -3.4% -6.8%

C (100%) 3% 1.7% 0% -4.4% -8.8%

its daily TB change is maintained lower than p% in all the RES power production cases
examined. Actually, comparing Tables 2 and 3, the daily TB changes due to RES power
production changes are significantly lower than the respective ones of the load
consumption. Hence, the HTE model outlines an economic stable system for all
MG policies that are supported by its economic module.

E. Scenario C and MG Policies

Although the economic module succeeds in maintaining controllable daily TB
changes for given power change either in load consumption or in RES power production,
the performance of the economic module should be examined in the case of
simultaneous changes in load consumption and in RES power generation. The combined
changes define a significantly more complicated power situation but this is a more
realistic operation scenario for community’s MGs.

To further investigate the behavior of the economic module, various combinations
of scenarios A and B are examined. More specifically, in Figs. 15(a)-(e), the
daily TB difference is plotted versus the RES power production change percentage and
load change percentage for representative policies of the economic module
—i.e., MG policy A, MG policy B, MG policy C (0%), MG policy (50%), and
MG policy (100%)—, respectively. Note that the RES power production change
percentage and load change percentage present the relative change percentages in relation
with the respective baseline scenario.
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Figure 15. Daily TB difference versus RES power production change percentage and load
change percentage when different MG policies are applied in comparison with the baseline
scenario. (a) MG policy A. (b) MG policy B. (c) MG policy C (0%). (d) MG policy C (50%).
(e) MG policy C (100%).

From Figs 15(a)-(e), it is verified that the TB performance is more influenced by
the load changes rather than RES power production regardless of the MG policy followed.
Actually, exploiting the energy arbitrage and the practicability of the economic module,
significant TB benefits could occur in comparison with the TB of the baseline scenario.
The aforementioned observations allow the communities to consider a relatively stable
daily TB from community’s MGs.

As it concerns the examined MG policies, the maximum daily TB difference of
MG policy A, B, C (0%), C (50%), and C (100%) is equal to 737$, 12338, 1233$, 9788,
and 73883, respectively, whereas the minimum daily TB difference of MG policy A, B, C
(0%), C (50%), and C (100%) is equal to -1361$, -1762$, -17628, -14968, and -13618,
respectively. Hence, the MG policy C (50%) offers the middle solution among the
available MG policies. This is also validated by the mean daily TB difference; the mean
daily TB difference of MG policy A, B, C (0%), C (50%), and C (100%) is equal to
-3318, -2118, -2118, -2698, and -3308, respectively. Anyway, the allocation percentage
of MG policy C can be adjusted in order to guarantee a fixed daily TB taking under
consideration the imminent load consumption and RES generation changes via short-term
predictions.
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Despite the encouraging TB results, the HTE model should also maintain its
daily TB change lower than p% for given RES power production change p1% and
load change p2% where p is the maximum absolute percentage of p1 and p2. To examine
this condition, in Table 4, the relevant difference of daily TB is reported with regard to
the adopted MG policy —i.e., MG policy A, MG policy B, MG policy C (0%),
MG policy (50%), and MG policy (100%)— when different combinations of RES power
production (i.e., upper, case A, baseline, case B, and lower RES power production limits)
and load (i.e., upper, case A, baseline, case B, and lower load limits) conditions occur.

From Table 4, it is validated that for given p% power changes in the daily load
consumption and RES power production, the community still satisfies its daily power
needs while its daily TB change is maintained lower than p% in the vast majority of the
cases examined. Few exceptions of the order of 0.5% only occur during lower load
conditions when MG policy B and MG policy C (0%) are adopted. Anyway,
MG policy C is proven to offer the required financial stability to the communities for all
the cases examined. Therefore, the HTE model can confront complicated conditions of
power consumption and generation, however, maintaining its financial stability for the
MG policies that are supported by its economic module.

F. Practical Application Limits of the HTE Model

Apart from its financial performance, the practical efficiency of the economic
module of the HTE model is assessed with regard to the mitigated range of load changes.
Actually, the practicability of the economic module and, consequently, of the HTE model
reaches up to the point that the technical constraints of the technical module that regulate
the operation of community’s MG still are satisfied. Therefore, the practical efficiency of
the economic module of the HTE model is assessed with regard to the mitigated range of
RES power production and load consumption. Towards that direction, the violations of
technical constraints are plotted versus the RES power production change percentage and
load change percentage for the representative policies of the economic module
—i.e., MG policy A, MG policy B, MG policy C (0%), MG policy (50%), and
MG policy (100%)— in Figs. 16(a)-(e), respectively. Note that the technical constraints
are equal to 24; say, one technical constraint corresponds to each operation hour.

From Figs. 16(a)-(e), certain remarks concerning the practical limits of the
economic module can be pointed out:

e Regardless of the considered MG policy, the economic module successfully
mitigates load differences that range from -47% to +26% with respect to the load
consumption of the baseline scenario. Actually, this great range of
load fluctuations covers the vast majority of load conditions that may occur
during the operational life of a community’s MG. Therefore, the adoption of the
economic module of the HTE model during the community’s MG operation
becomes a realistic scenario.

e The economic module better counteracts load decreases rather than load increases.
This is due to the fact that the technical module has already heavily burdened
either several operating DGs or the power grid in order to reduce costs instead of
equally allocating the load needs. Hence, the economic module more easily
unloads than allocates load needs.
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Table 4. Relevant difference of daily TB (%) versus different MG policies, RES power production

conditions and load conditions.

MG policy A RES power production conditions
Load Upper Case A Baseline Case B Lower
conditions (+20%) (+10%) (0%) (-10%) (-20%)
Upper 8.8% 4.4% 0% -4.4% -9.2%
(+20%)
Case A 8.5% 4.4% 0% -4.4% -8.8%
(+10%)
Baseline 3% 1.7% 0 -4.4% -8.8%
(0%)
Case B -5.7% -6% -6.6% -7.8% -9.5%
(-10%)
Lower -15.5% -15.3% -15.3% -15.5% -16.2%
(-20%)
MG policy B RES power production conditions
Load Upper Case A Baseline Case B Lower
conditions (+20%) (+10%) (0%) (-10%) (-20%)
Upper 14.7% 13.1% 12.7% 12.2% 11.6%
(+20%)
Case A 9.2% 7.3% 4.9% 3.4% 2.9%
(+10%)
Baseline -0.5% -0.2% 0% -2.3% -A4.7%
(0%)
Case B -10.7% -10.5% -10.3% -10% -10.2%
(-10%)
Lower -21% -20.8% -20.6% -20.3% -20%
(-20%)
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MG policy C RES power production conditions
(0%)
Load Upper Case A Baseline Case B Lower
conditions (+20%) (+10%) (0%) (-10%) (-20%)
Upper 14.7% 13.2% 12.7% 12.2% 11.6%
(+20%)
Case A 9.2% 7.3% 4.9% 3.4% 2.9%
(+10%)
Baseline -0.5% -0.2% 0% -2.3% -4.7%
(0%)
Case B -10.7% -10.5% -10.3% -10% -10.2%
(-10%)
Lower -21% -20.8% -20.6% -20.3% -20%
(-20%)
MG policy C RES power production conditions
(50%)

Load Upper Case A Baseline Case B Lower
conditions (+20%) (+10%) (0%) (-10%) (-20%)
Upper 11.7% 8.3% 4.9% 1.7% -1%

(+20%)
Case A 8.9% 5.8% 2.5% -0.9% -4.3%
(+10%)
Baseline 1.4% 0.7% 0 -3.4% -6.8%
(0%)
Case B -71.2% -71.5% -8.1% -8.8% -9.9%
(-10%)
Lower -16.5% -16.6% -16.9% -17.3% -17.8%
(-20%)
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MG policy C RES power production conditions
(100%)
Load Upper Case A Baseline Case B Lower
conditions (+20%) (+10%) (0%) (-10%) (-20%)
Upper 8.8% 4.4% 0% -4.4% -8.8%
(+20%)
Case A 8.5% 4.4% 0% -4.4% -8.8%
(+10%)
Baseline 3% 1.7% 0% -4.4% -8.8%
(0%)
Case B -5.7% -5.9% -6.6% -7.8% -9.5%
(-10%)
Lower -15.5% -15.3% -15.3% -15.5% -16.2%
(-20%)
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Figure 16. Technical constraint violations versus the RES power production change percentage
and load change percentage when different MG policies are applied. (a) MG policy A.
(b) MG policy B. (c) MG policy C (0%). (d) MG policy C (50%). (e) MG policy C (100%).

Although MG policy C presents favorable characteristics concerning its
TB performance and its financial stability, it suffers from high rate of technical
constraint violations as load fluctuations significantly increase. In fact, a trade-off
between TB and technical constraint violations is highlighted that is also observed
in MG policy A and B: As the load increases, MG policy B demonstrates higher
TB and higher number of technical constraint violations in comparison with the
respective values of MG policy A.

As it concerns the RES power production change percentage, it is demonstrated
that the economic module successfully achieves to mitigate RES power
production differences that range from -49% to 94% with respect to the RES
power production of the baseline scenario. Actually, this range is significantly
larger than the respective one of load fluctuations and practically allows the
exclusive power change management of RESs through the economic module of
the HTE model.

In contrast with the load changes, the economic module can comfortably
counteract either RES power production increases or decreases. This is due to the
fact that the RES production changes are significantly lower in absolute numbers
than those of load consumption. However, the trade-off between TB and technical
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constraint violations is also observed in RES systems among different
MG policies supported by the economic module.

e In the case of the combined fluctuations of load consumption and RES power
production, it is shown that economic module achieves to cope with a great range
of potential generation and consumption cases in the community’s MG life.
More specifically, the economic module succeeds in bypassing the technical
module of the HTE model (i.e., the technical constraint violations are equal to
zero) in the 52.4%, 44.7%, 44.7%, 34.7%, and 34.2% of the cases when MG
policy A, MG policy B, MG policy C (0%), MG policy (50%), and MG policy
(100%) 1is applied, respectively. Hence, apart from the financial stability,
economic module can successfully mitigate great changes either in power
production or in power consumption.

VII. General Remarks and Future Work

Already verified in [49], [52], the technical module of the HTE model can
successfully describe the behavior of a community’s MG. This description is accurate
and can predict either the exact power profile of the community’s MG or the financial
daily flows that mainly interest the community authorities. Actually, based on the
maximization of the daily TB, the technical module exploits either the low-cost energy
production of available ESS/DG/RES outputs or the financial energy arbitrage or the
energy sale to the consumers [9], [17], [19], [32], [49], [52], [62], [63].

However, the application of the technical module requires sophisticated software
packages or specialized personnel that discourage the communities since these issues
critically deteriorate the community’s budget. In order to promote a more tempting
MG proposal for the communities, the main interest of this paper is to present a
simplified but quasi-accurate method that can bypass either the costs for the licenses of
the sophisticated MG software packages or the hiring of employees. The proposed
economic module of the HTE model overrides the aforementioned financial obstacles
presenting satisfactory immunity against various load consumption and RES power
generation conditions that can occur during community’s MG operation.

As it concerns the future work, the apparently positive correlation between PV
generation profile and wind generation one is going to be examined on the basis of the
technical module. Especially, if these profiles are indeed positively correlated, through
the economic trade-off relations proposed by the HTE model, the RES diversification of
investing only in one RES system with the lower cost is going to be investigated.

However, the main future research interest is going to focus on the economic
module. Except for the simplified MG policies such as MG policy A and B,
MG policy C offers the required system adaptability against the stochastic nature of the
involved power consumption and power generation problems of the community’s MG.
First, further investigation is going to be made towards the trade-off between TB and
allocation percentage. Adaptively adjusting the allocation percentage, a fixed TB can be
achieved. A fixed cash flow can be a catching argument to the communities in order to
install community’s MGs. Second, the energy arbitrage may be further enhanced by
exploiting the energy trade among power grid, ESS systems and consumers;
through ESS farms, communities can strongly stimulate their local economies since they
can consolidate for themselves the role of energy middleman between power grid and
consumers. Third, despite the fact that MG policy C succeeds in offering a satisfactory
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TB compromise and financial stability, there is a significant number of improvements to
be made. These improvements are concentrated on the TB performance and on the
algorithm and the code simplicity. More simplified MG policies are required so that their
interpretation and compiling can be realized in open source platforms and various
operating systems. Hence, future MG policies, which are based on the economic module
and are going to be proposed, should avoid the heavy technical packages and special
compilers. Fourth, the economic module should incorporate the DG and ESS operation in
a way that allows the bypassing of technical module. Thus, the community’s MG
problem will transform from a technical issue into a techno-economic case.

Among the future fields of research, sophisticated technologies, new simulators,
and operational strategies are emerging to help community’s MGs mitigate load power
consumption through energy efficiency improvements such as participation in demand
response (DR) programs, peak load management initiatives, and the terminal
scheduling/control via non-intrusive operations [88]-[91]. More specifically, recent
efforts focus on making buildings “smarter” by adaptively controlling power
consumption in areas such as lighting [92], electric heating, ventilation and air
conditioning (HVAC) [93], [94] and information infrastructure [95] within buildings.
Building smart offices [96], smart hospitals [97], [98] and smart universities [99], [100] is
an emerging trend that encompasses Weiser’s ubiquitous/pervasive computing concept
[101] through the seamless integration of technologies [100]. Finally, the combined
operation of community’s MGs with other supported communications networks can also
significantly improve the economic performance of MGs [102]-[107]. At the same time,
the development of new ad-hoc power allocation algorithms and financial trade-off
curves for community’s MGs at a local and daily basis as well as their fairness and
stability when various fluctuations occur in the MG surrounding environment define
another two critical community’s MG research topics [108]-[114].

VIII. Conclusions

In this paper, the potential of financially stimulating the local economies of
communities, which suffer from the financial and economic crisis, through the
installation of community’s MGs has been examined. To assess the power and economic
impact of community’s MGs, the HTE model that consists of the technical and the
economic module has been proposed.

Based on its well-validated technical module, the HTE model is able to accurately
estimate the power production/consumption profile and the economic gains/costs/benefits
of community’s MGs. Then, based on the proposed economic module, the HTE model
succeeds in quickly and accurately estimating the impact of load changes, RES power
production changes and their combined presence on the power profile and cost-benefit
analysis of community’s MGs. Actually, the strong points of the HTE model derive from
its newly proposed economic module; through its supported MG policies, the economic
module permits: (i) the operation of community’s MGs without additional costs regarding
specialized personnel hiring; (ii) the bypassing of the mathematically complicated
technical module; and (iii) the rapid, open-access and easy execution of its algorithm
from non-specialist employees of the community.

Except for the aforementioned theoretical reports concerning the performance and
practicability of the HTE model, a significant number of findings concerning the
economic performance of community’s MGs has been demonstrated, namely:
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(1) During a typical day and in accordance with the baseline scenario, the daily TB of a
community’s MG can reach up to 8500$. Except for this high financial benefit,
the proven financial stability is a critical factor regarding the promotion of MG concept to
communities; (i1) The numerical results have validated that MG policies, which are
supported by the economic module, preserves the financial stability of the
community’s MGs even if load consumption and RES power production changes range
from -20% to 20%; (ii1) Algorithmically simpler and more adaptive MG policies can be
proposed using the economic module; (iv) Load changes have greater impact on the
economic performance of community’s MGs rather than RES power production changes;
(v) Power changes of wind systems present higher TB impact on the economic
performance of community’s MGs in comparison with the respective ones of
PV systems; and (vi) The economic module can be operational and can comfortably
replace the technical module for load differences and RES power production differences
that range from -47% to 26% and from -49% to 94% compared with the baseline scenario,
respectively.

Finally, by applying the HTE model, community’s MGs have been proven to be
feasible technological solutions for stimulating local economies since they can define
significant additional incomes for communities. Therefore, apart from the ecological
awareness and great smart grid potential, communities obtain an efficient remedy against
the financial consequences of the economic and financial crisis.

Conflicts of Interest

The authors declare that there is no conflict of interests regarding the publication
of this paper.

References

[1] Taylor, J. B. (2009). The Financial Crisis and the Policy Responses: An Empirical
Analysis of What Went Wrong. National Bureau of Economic Research Working
Paper Series, No. 14631. DOI: 10.3386/w14631

[2] United States. Financial Crisis Inquiry Commission. (2011). The Financial Crisis
Inquiry Report: final report of the national commission on the causes of the

financial and economic Crisis in the United States.
http:// www.gpo.gov/fdsys/pkg/GPO-FCIC/content-detail.html ~ (Accessed on
09/10/2015).

[3] Martin, R. (2010). The local geographies of the financial crisis: from the housing
bubble to economic recession and beyond. Journal of Economic Geography. DOI:
10.1093/jeg/1bq024

[4] Pauly, L. W. (2008). Financial Crisis Management in Europe and Beyond.
Contributions to Political Economy, 27(1), 73-89. DOI: 10.1093/cpe/bzn006

[5] Blakely, E. J. and Leigh, N. G. (2009). Planning local economic development:
Theory and practice. SAGE Publications, Incorporated.

[6] Smith, G. (2005). Green Citizenship and the Social Economy. Environmental
Politics, 14(2), 273-289. DOI: 10.1080/09644010500055175

Tr Ren Energy, 2015, Vol.1, No.3, 131-184. doi: 10.17737/tre.2015.1.3.0014 175


http://www.gpo.gov/fdsys/pkg/GPO-FCIC/content-detail.html

Peer-Reviewed Article Trends in Renewable Energy, 1

[7]
[8]

[9]

[10]

[11]

[12]

[13]

[14]

[15]

[16]

[17]

[18]

Green, G. P. (2001). Amenities and community economic development: Strategies
for sustainability. Journal of Regional Analysis and Policy, 31(2), 61-76.

Heydt, G. T., Ayyanar, R., Hedman, K. W., and Vittal, V. (2012). Electric Power
and Energy Engineering: The First Century. Proceedings of the IEEE,
100(Special Centennial Issue), 1315-1328. DOI: 10.1109/jproc.2012.2187130
Sechilariu, M., Wang, B., and Locment, F. (2013). Building Integrated
Photovoltaic System with Energy Storage and Smart Grid Communication.
Industrial  Electronics, IEEE Transactions on, 60(4), 1607-1618. DOI:
10.1109/tie.2012.2222852

Nehrir, M. H., Wang, C., Strunz, K., Aki, H., Ramakumar, R., Bing, J., Zhixhin,
Miao, Z., and Salameh, Z. A review of hybrid renewable/alternative energy
systems for electric power generation: Configurations, control and applications. In:
Proc., Power and Energy Society General Meeting, 2012 IEEE, pp: 1-1. DOI:
10.1109/pesgm.2012.6344852

Whittingham, M. S. (2012). History, Evolution, and Future Status of Energy
Storage. Proceedings of the IEEE, 100(Special Centennial Issue), 1518-1534.
DOI: 10.1109/jproc.2012.2190170

Xu, Z., Guan, X., Jia, Q.S., Wu, J., Wang, D. and Chen, S. (2012). Performance
Analysis and Comparison on Energy Storage Devices for Smart Building Energy
Management. Smart Grid, IEEE Transactions on, 3(4), 2136-2147. DOI:
10.1109/tsg.2012.2218836

Lazaropoulos, A. G. (2012). Towards broadband over power lines systems
integration: transmission characteristics of underground low-voltage distribution
power lines. Progress in Electromagnetics Research B, 39, 89-114.
DOI:10.2528/PIERB12012409

Lazaropoulos, A. G. (2012). Towards Modal Integration of Overhead and
Underground Low-Voltage and Medium-Voltage Power Line Communication
Channels in the Smart Grid Landscape: Model Expansion, Broadband Signal
Transmission Characteristics, and Statistical Performance Metrics (Invited Paper).
ISRN Signal Processing, 2012, 17. DOI: 10.5402/2012/121628

Lazaropoulos, A. G. (2012). Factors influencing broadband transmission
characteristics  of  underground  low-voltage  distribution  networks.
Communications, IET, 6(17), 2886-2893. DOI: 10.1049/iet-com.2011.0661

Yao, D. L., Choi, S. S., Tseng, K. J., and Lie, T. T. (2009). A Statistical Approach
to the Design of a Dispatchable Wind Power-Battery Energy Storage System.
Energy  Conversion, IEEE Transactions on, 24(4), 916-925. DOI:
10.1109/tec.2009.2025331

Bragard, M., Soltau, N., Thomas, S., and De Doncker, R. W. (2010). The Balance
of Renewable Sources and User Demands in Grids: Power Electronics for
Modular Battery Energy Storage Systems. Power Electronics, IEEE Transactions
on, 25(12), 3049-3056. DOI: 10.1109/tpel.2010.2085455

Jong-Yul, K., Jin-Hong, J., Seul-Ki, K., Changhee, C., June Ho, P., Hak-Man, K.,
and Kee-Young, N. (2010). Cooperative Control Strategy of Energy Storage
System and Microsources for Stabilizing the Microgrid during Islanded Operation.
Power  Electronics, IEEE Transactions on, 25(12), 3037-3048. DOI:
10.1109/tpel.2010.2073488

Tr Ren Energy, 2015, Vol.1, No.3, 131-184. doi: 10.17737/tre.2015.1.3.0014 176



Peer-Reviewed Article Trends in Renewable Energy, 1

[19]

[20]

[21]

[22]

[23]

[24]

[25]

[26]

[27]

[28]

[29]

[30]

[31]

Lu, M. S, Chang, C. L., Lee, W. J., and Wang, L. (2009). Combining the Wind
Power Generation System with Energy Storage Equipment. Industry Applications,
IEEE Transactions on, 45(6), 2109-2115. DOI: 10.1109/t1a.2009.2031937
Krishnaswami, H., and Mohan, N. (2009). Three-Port Series-Resonant DC-DC
Converter to Interface Renewable Energy Sources With Bidirectional Load and
Energy Storage Ports. Power Electronics, IEEE Transactions on, 24(10), 2289-
2297. DOI: 10.1109/tpel.2009.2022756

Mercier, P., Cherkaoui, R., and Oudalov, A. (2009). Optimizing a Battery Energy
Storage System for Frequency Control Application in an Isolated Power System.
Power  Systems, IEEE  Transactions on, 24(3), 1469-1477. DOI:
10.1109/tpwrs.2009.2022997

Hartmann, B., and Dan, A. (2012). Cooperation of a Grid-Connected Wind Farm
and an Energy Storage Unit-Demonstration of a Simulation Tool. Sustainable
Energy, IEEE Transactions on, 3(1), 49-56. DOI: 10.1109/tste.2011.2163176
Heussen, K., Koch, S., Ulbig, A., and Andersson, G. (2012). Unified System-
Level Modeling of Intermittent Renewable Energy Sources and Energy Storage
for Power System Operation. Systems Journal, IEEE, 6(1), 140-151. DOI:
10.1109/jsyst.2011.2163020

Agalgaonkar, A. P., Dobariya, C. V., Kanabar, M. G., Khaparde, S. A., and
Kulkarni, S. V. Optimal sizing of distributed generators in microgrid. In: Proc.,
Power  India  Conference, 2006  IEEE, pp: 8 pp. DOL
10.1109/poweri.2006.1632627

Tsikalakis, A. G., and Hatziargyriou, N. D. Financial evaluation of Renewable
Energy Source production in microgrids markets using probabilistic analysis. In:
Proc., Power Tech, 2005 IEEE Russia, pp: 1-7. DOI: 10.1109/ptc.2005.4524361
Robert, H. L., Abbas, A. A., Chris, M., John, S., Jeffery, E. D., Ross, T. G.,
Meliopoulous, A. S., Robert, J. Y., and Joseph, H. E. (2003). Integration of
Distributed Energy Resources: The CERTS MicroGrid Concept. CERTS.
http://eetd.lbl.gov/node/50096 (Accessed on 09/10/2015).

Hatziargyriou, N., Jenkins, N., Strbac, G., Lopes, J. P., Ruela, J., Engler, A.,
Oyarzabal, J., Kariniotakis, G., and Amorim, A. (2006). Microgrids—large scale
integration of microgeneration to low voltage grids. CIGRE C6-309.

Wang, B., and Venkataramanan, G. Dynamic Voltage Restorer Utilizing a Matrix
Converter and Flywheel Energy Storage. In: Proc., Industry Applications
Conference, 2007. 42nd IAS Annual Meeting. Conference Record of the 2007
IEEE, pp: 208-215. DOI: 10.1109/071as.2007.39

Baalbergen, F., Bauer, P., and Ferreira, J. A. (2009). Energy Storage and Power
Management for Typical 4Q-Load. Industrial Electronics, IEEE Transactions on,
56(5), 1485-1498. DOI: 10.1109/ti€.2009.2012416

Vazquez, S., Lukic, S. M., Galvan, E., Franquelo, L. G., and Carrasco, J. M.
(2010). Energy Storage Systems for Transport and Grid Applications. Industrial
Electronics,  IEEE  Transactions  on, 57(12), 3881-3895. DOI:
10.1109/tie.2010.2076414

Chua, K. H., Lim, Y. S., Taylor, P., Morris, S., and Wong, J. (2012). Energy
Storage System for Mitigating Voltage Unbalance on Low-Voltage Networks
With Photovoltaic Systems. Power Delivery, IEEE Transactions on, 27(4), 1783-
1790. DOI: 10.1109/tpwrd.2012.2195035

Tr Ren Energy, 2015, Vol.1, No.3, 131-184. doi: 10.17737/tre.2015.1.3.0014 177


http://eetd.lbl.gov/node/50096

Peer-Reviewed Article Trends in Renewable Energy, 1

[32]

[33]

[34]

[35]

[36]

[37]

[38]

[39]

[40]

[41]

[42]

[43]

[44]

Fu, Q., Montoya, L. F., Solanki, A., Nasiri, A., Bhavaraju, V., Abdallah, T., and
Yu, D. C. (2012). Microgrid Generation Capacity Design With Renewables and
Energy Storage Addressing Power Quality and Surety. Smart Grid, IEEE
Transactions on, 3(4), 2019-2027. DOI: 10.1109/tsg.2012.2223245

Ivanovic, Z. R., Adzic, E. M., Vekic, M. S., Grabic, S. U., Celanovic, N. L., and
Katic, V. (2012). HIL Evaluation of Power Flow Control Strategies for Energy
Storage Connected to Smart Grid Under Unbalanced Conditions. Power
Electronics,  IEEE  Transactions  on, 27(11), 4699-4710. DOI:
10.1109/tpel.2012.2184772

Guerrero, J. M., Poh Chiang, L., Tzung-Lin, L., and Chandorkar, M. (2013).
Advanced Control Architectures for Intelligent Microgrids-Part II: Power Quality,
Energy Storage, and AC/DC Microgrids. [Industrial Electronics, IEEE
Transactions on, 60(4), 1263-1270. DOI: 10.1109/tie.2012.2196889

Kundur, P., Paserba, J., Ajjarapu, V., Andersson, G., Bose, A., Canizares, C.,
Hatziargyriou, N., Hill, D., Stankovic, A., Taylor, C., Van Cutsem, T., and Vittal,
V. (2004). Definition and classification of power system stability IEEE/CIGRE
joint task force on stability terms and definitions. Power Systems, IEEE
Transactions on, 19(3), 1387-1401. DOI: 10.1109/tpwrs.2004.825981

Sioshansi, R., Denholm, P., Jenkin, T., and Weiss, J. (2009). Estimating the value
of electricity storage in PJM: Arbitrage and some welfare effects. Energy
Economics, 31(2), 269-277. DOI: 10.1016/j.enec0.2008.10.005

Thatte, A. A., and Xie, L. (2012). Towards a Unified Operational Value Index of
Energy Storage in Smart Grid Environment. Smart Grid, IEEE Transactions on,
3(3), 1418-1426. DOI: 10.1109/tsg.2012.2190114

DeCarolis, J. F., and Keith, D. W. (2006). The economics of large-scale wind
power in a carbon constrained world. Energy Policy, 34(4), 395-410. DOI:
10.1016/j.enpol.2004.06.007

Sugihara, H., Yokoyama, K., Saeki, O., Tsuji, K., and Funaki, T. (2013).
Economic and Efficient Voltage Management Using Customer-Owned Energy
Storage Systems in a Distribution Network With High Penetration of Photovoltaic
Systems. Power Systems, IEEE Transactions on, 28(1), 102-111. DOI:
10.1109/tpwrs.2012.2196529

Sioshansi, R. (2011). Increasing the value of wind with energy storage. Energy
Journal, 32(2), 1-29.

Walawalkar, R., Apt, J., and Mancini, R. (2007). Economics of electric energy
storage for energy arbitrage and regulation in New York. Energy Policy, 35(4),
2558-2568. DOI: 10.1016/j.enpol.2006.09.005

Guo, Y., and Fang, Y. (2013). Electricity Cost Saving Strategy in Data Centers by
Using Energy Storage. Parallel and Distributed Systems, IEEE Transactions on,
24(6), 1149-1160. DOI: 10.1109/tpds.2012.201

Schill, W.-P., and Kemfert, C. (2009). The effect of market power on electricity
storage utilization: The case of pumped hydro storage in Germany.
http://papers.ssrn.com/sol3/papers.cfm?abstract id=1507094 (Accessed  on
09/11/15).

Bathurst, G. N., and Strbac, G. (2003). Value of combining energy storage and
wind in short-term energy and balancing markets. Electric Power Systems
Research, 67(1), 1-8. DOI: 10.1016/S0378-7796(03)00050-6

Tr Ren Energy, 2015, Vol.1, No.3, 131-184. doi: 10.17737/tre.2015.1.3.0014 178


http://papers.ssrn.com/sol3/papers.cfm?abstract_id=1507094

Peer-Reviewed Article Trends in Renewable Energy, 1

[45]

[46]

[47]

[48]

[49]

[50]

[51]

[52]

[53]

[54]

[55]

[56]

[57]

[58]

Eyer, J. M., Iannucci, J. J., and Corey, G. P. (2004). Energy storage benefits and
market analysis handbook, a study for the doe energy storage systems program.
Sandia National Labratories. http://prod.sandia.gov/techlib/access-
control.cgi/2004/046177.pdf (Accessed on 09/11/15).

Figueiredo, F. C., Flynn, P. C., and Cabral, E. A. (2005). The economics of
energy storage. Proceedings of the 2005 Annual Meeting of Energy Storage
Association, Toronto, Canada.

Manz, D., Piwko, R., and Miller, N. (2012). Look Before You Leap: The Role of
Energy Storage in the Grid. Power and Energy Magazine, IEEE, 10(4), 75-84.
DOI: 10.1109/mpe.2012.2196337

Bludszuweit, H., and Dominguez-Navarro, J. A. (2011). A Probabilistic Method
for Energy Storage Sizing Based on Wind Power Forecast Uncertainty. Power
Systems, IEEE Transactions on, 26(3), 1651-1658. DOI:
10.1109/tpwrs.2010.2089541

Chen, C., Duan, S., Cai, T., Liu, B., and Hu, G. (2011). Optimal allocation and
economic analysis of energy storage system in microgrids. Power Electronics,
IEEE Transactions on, 26(10), 2762-2773. DOI: 10.1109/tpel.2011.2116808
Elmitwally, A., and Rashed, M. (2011). Flexible Operation Strategy for an
Isolated PV-Diesel Microgrid without Energy Storage. Energy Conversion, IEEE
Transactions on, 26(1), 235-244. DOI: 10.1109/tec.2010.2082090

Kienzle, F., AhcCin, P., and Andersson, G. (2011). Valuing Investments in Multi-
Energy Conversion, Storage, and Demand-Side Management Systems under
Uncertainty. Sustainable Energy, IEEE Transactions on, 2(2), 194-202. DOLI:
10.1109/tste.2011.2106228

Chen, S. X., Gooi, H. B., and Wang, M. (2012). Sizing of energy storage for
microgrids. Smart  Grid, IEEE Transactions on,3(1), 142-151. DOI:
10.1109/TSG.2011.2160745

Gohn, B., and Wheelock, C. (2010). Smart Grid: Ten trends to watch in 2011 and
beyond. Texas Institute for Sustainable Technology Research, Tech. Rep.
http://www.sbdi.co.kr/email/2010/20101028/[Pike-
Research] White Paper Smart-grid-ten-trends-to-watch-in-2011-and-beyond.pdf
(Accessed on 09/11/15).

Sobieski, D. W., and Bhavaraju, M. P. (1985). An Economic Assessment of
Battery Storage in Electric Utility Systems. Power Engineering Review, IEEE,
PER-5(12), 40-40. DOI: 10.1109/mper.1985.5528621

Fabjan, C., Garche, J., Harrer, B., Jorissen, L., Kolbeck, C., Philippi, F., Tomazic,
G., and Wagner, F. (2001). The vanadium redox-battery: an efficient storage unit
for photovoltaic systems. Electrochimica Acta, 47(5), 825-831. DOI:
10.1016/S0013-4686(01)00763-0

Su, W. F., Huang, S. J., and Lin, C. E. (2001). Economic analysis for demand-side
hybrid photovoltaic and battery energy storage system. Industry Applications,
IEEE Transactions on, 37(1), 171-177. DOI: 10.1109/28.903143

Butler, P. C., lannucci, J., and Eyer, J. (2003). Innovative business cases for
energy storage in a restructured electricity marketplace,” Sandia National
Laboratories Tech. Rep., SAND2003-0362. http://www.prod.sandia.gov/cgi-
bin/techlib/access-control.pl/2003/030362.pdf (Accessed on 09/11/15).
Schoenung, S., and Hassenzahl, W. (2003) “Long vs short term energy storage
technologies analysis,” Sandia National Laboratories Tech. Rep., SAND2003-

Tr Ren Energy, 2015, Vol.1, No.3, 131-184. doi: 10.17737/tre.2015.1.3.0014 179


http://prod.sandia.gov/techlib/access-control.cgi/2004/046177.pdf
http://prod.sandia.gov/techlib/access-control.cgi/2004/046177.pdf
http://ieeexplore.ieee.org/search/searchresult.jsp?searchWithin=%22Authors%22:.QT.Kienzle%2C%20F..QT.&newsearch=true
http://ieeexplore.ieee.org/search/searchresult.jsp?searchWithin=%22Authors%22:.QT.Ahc%26%23x030C%3Bin%2C%20P..QT.&newsearch=true
http://ieeexplore.ieee.org/search/searchresult.jsp?searchWithin=%22Authors%22:.QT.Andersson%2C%20G..QT.&newsearch=true
http://www.sbdi.co.kr/email/2010/20101028/%5bPike-Research%5d_White_Paper_Smart-grid-ten-trends-to-watch-in-2011-and-beyond.pdf
http://www.sbdi.co.kr/email/2010/20101028/%5bPike-Research%5d_White_Paper_Smart-grid-ten-trends-to-watch-in-2011-and-beyond.pdf
http://www.prod.sandia.gov/cgi-bin/techlib/access-control.pl/2003/030362.pdf
http://www.prod.sandia.gov/cgi-bin/techlib/access-control.pl/2003/030362.pdf

Peer-Reviewed Article Trends in Renewable Energy, 1

[59]

[60]

[61]

[62]

[63]

[64]

[65]

[66]

[67]

[68]

[69]

[70]

[71]

2783. http://www.prod.sandia.gov/cgi-bin/techlib/access-
control.pl/2003/032783.pdf (Accessed on 09/11/15).

Graves, F., Jenkin, T., and Murphy, D. (1999). Opportunities for Electricity
Storage in Deregulating Markets. The Electricity Journal, 12(8), 46-56. DOI:
10.1016/S1040-6190(99)00071-8

Perekhodtsev, D. (2004). Two essays on problems of deregulated electricity
markets (Doctoral dissertation, Carnegie Mellon University).
http://wpweb2.tepper.cmu.edu/ceic/theses/Dmitri_Perekhodtsev_PhD_Thesis_200
4.pdf (Accessed on 09/11/15).

Eckroad, S., and Gyuk, I. (2003). EPRI-DOE handbook of energy storage for
transmission & distribution applications. Electric Power Research Institute, Inc.
http://www.sandia.gov/ess/publications/ESHB%201001834%20reduced%20size.
pdf (Accessed on 09/11/15).

Perez, E., Beltran, H., Aparicio, N., and Rodriguez, P. (2013). Predictive Power
Control for PV Plants with Energy Storage. Sustainable Energy, IEEE
Transactions on, 4(2), 482-490. DOI: 10.1109/tste.2012.2210255

Sechilariu, M., Baochao, W., and Locment, F. (2013). Building Integrated
Photovoltaic System with Energy Storage and Smart Grid Communication.
Industrial Electronics, IEEE Transactions on, 60(4), 1607-1618. DOI:
10.1109/tie.2012.2222852

Lyapunov, A. M. (1992). The general problem of the stability of motion.
International Journal of Control, 55(3), 531-534. DOI:
10.1080/00207179208934253

Wang, X. Y., Vilathgamuwa, D., and Choi, S. S. (2008). Determination of battery
storage capacity in energy buffer for wind farm. Energy Conversion, IEEE
Transactions on, 23(3), 868-878. DOI: 10.1109/TEC.2008.921556

Beltran, H., Perez, E., Aparicio, N., and Rodriguez, P. (2013). Daily Solar Energy
Estimation for Minimizing Energy Storage Requirements in PV Power Plants.
Sustainable  Energy, IEEE Transactions on, 4(2), 474-481. DOL:
10.1109/tste.2012.2206413

Halamay, D. A., Brekken, T. K. A., Simmons, A., and McArthur, S. (2011).
Reserve Requirement Impacts of Large-Scale Integration of Wind, Solar, and
Ocean Wave Power Generation. Sustainable Energy, IEEE Transactions on, 2(3),
321-328. DOI: 10.1109/tste.2011.2114902

Nourai, A., and Kearns, D. (2010). Batteries Included. Power and Energy
Magazine, IEEE, 8(2), 49-54. DOI: 10.1109/mpe.2009.935555

Teleke, S., Baran, M. E., Bhattacharya, S., and Huang, A. Q. (2010). Rule-Based
Control of Battery Energy Storage for Dispatching Intermittent Renewable
Sources. Sustainable Energy, IEEE Transactions on, 1(3), 117-124. DOI:
10.1109/tste.2010.2061880

Denholm, P., and Margolis, R. M. (2007). Evaluating the limits of solar
photovoltaics (PV) in electric power systems utilizing energy storage and other
enabling  technologies.  Energy  Policy, 35(9), 4424-4433. DOL:
10.1016/j.enpol.2007.03.004

Energy Information Administration, (2011). Annual energy outlook 2011.
http://www.eia.doe.gov/oiaf/aco/index.html (Accessed on 09/11/15).

Tr Ren Energy, 2015, Vol.1, No.3, 131-184. doi: 10.17737/tre.2015.1.3.0014 180


http://www.prod.sandia.gov/cgi-bin/techlib/access-control.pl/2003/032783.pdf
http://www.prod.sandia.gov/cgi-bin/techlib/access-control.pl/2003/032783.pdf
http://wpweb2.tepper.cmu.edu/ceic/theses/Dmitri_Perekhodtsev_PhD_Thesis_2004.pdf
http://wpweb2.tepper.cmu.edu/ceic/theses/Dmitri_Perekhodtsev_PhD_Thesis_2004.pdf
http://www.sandia.gov/ess/publications/ESHB%201001834%20reduced%20size.pdf
http://www.sandia.gov/ess/publications/ESHB%201001834%20reduced%20size.pdf
http://www.eia.doe.gov/oiaf/aeo/index.html

Peer-Reviewed Article Trends in Renewable Energy, 1

[72]

[73]

[74]

[75]

[76]

[77]

[78]

[79]

[80]

[81]

[82]

[83]

[84]

[85]

Billinton, R., Chen, H., and Ghajar, R. (1996). Time-series models for reliability
evaluation of power systems including wind energy. Microelectronics Reliability,
36(9), 1253-1261. DOI: 10.1016/0026-2714(95)00154-9

Hoft, J. L., Townsend, L. W., and Hines, J. W. (2003). Prediction of energetic
solar particle event dose-time profiles using artificial neural networks. Nuclear
Science, IEEE Transactions on, 50(6), 2296-2300. DOI: 10.1109/tns.2003.821817
Sideratos, G., and Hatziargyriou, N. D. (2007). An Advanced Statistical Method
for Wind Power Forecasting. Power Systems, IEEE Transactions on, 22(1), 258-
265. DOI: 10.1109/tpwrs.2006.889078

Tao, C., Shanxu, D., and Changsong, C. (2010). Forecasting power output for
grid-connected photovoltaic power system without using solar radiation
measurement. In: Proc., Power Electronics for Distributed Generation Systems
(PEDG), 2010 2nd IEEE International Symposium on, pp: 773-777. DOL:
10.1109/pedg.2010.5545754

Ernst, B., Oakleaf, B., Ahlstrom, M. L., Lange, M., Moehrlen, C., Lange, B.,
Focken, U., and Rohrig, K. (2007). Predicting the Wind. Power and Energy
Magazine, IEEE, 5(6), 78-89. DOI: 10.1109/mpe.2007.906306

Xiao, W., Lind, M. G. J., Dunford, W. G., and Capel, A. (2006). Real-Time
Identification of Optimal Operating Points in Photovoltaic Power Systems.
Industrial  Electronics, IEEE Transactions on, 53(4), 1017-1026. DOI:
10.1109/tie.2006.878355

Soder, L. Simulation of wind speed forecast errors for operation planning of
multiarea power systems. In: Proc., Probabilistic Methods Applied to Power
Systems, 2004 International Conference on, pp: 723-728.

Kirawanich, P., and O'Connell, R. M. Potential harmonic impact of a residential
utility-interactive photovoltaic system. In: Proc., Harmonics and Quality of
Power, 2000. Proceedings. Ninth International Conference on, pp: 983-987 vol.3.
DOI: 10.1109/ichgp.2000.896862

Ruey-Hsun, L., and Jian-Hao, L. (2007). A Fuzzy-Optimization Approach for
Generation Scheduling With Wind and Solar Energy Systems. Power Systems,
IEEFE Transactions on, 22(4), 1665-1674. DOI: 10.1109/tpwrs.2007.907527
Barbounis, T. G., Theocharis, J. B., Alexiadis, M. C., and Dokopoulos, P. S.
(2006). Long-term wind speed and power forecasting using local recurrent neural
network models. Energy Conversion, IEEE Transactions on, 21(1), 273-284. DOLI:
10.1109/tec.2005.847954

Borowy, B. S., and Salameh, Z. M. (1994). Optimum photovoltaic array size for a
hybrid wind/PV system. Energy Conversion, IEEE Transactions on, 9(3), 482-
488. DOI: 10.1109/60.326466

Denholm, P., Ela, E., Kirby, B., and Milligan, M. (2010). The role of energy
storage with renewable electricity generation. National Renewable Energy
Laboratory, Tec. Rep NREL/TP-6A2-47187.
http://digitalscholarship.unlv.edu/renew_pubs/5/ (Accessed on 09/12/15).
Hatziargyriou, N., Asano, H., Iravani, R., and Marnay, C. (2007). Microgrids.
Power and Energy Magazine, IEEE, 5(4), 78-94. DOLI:
10.1109/mpae.2007.376583

Andersson, G., Donalek, P., Farmer, R., Hatziargyriou, N., Kamwa, I., Kundur, P.,
Martins, N., Paserba, J., Pourbeik, P., Sanchez-Gasca, J., Schulz, R., Stankovic,
A., Taylor, C., and Vittal, V. (2005). Causes of the 2003 major grid blackouts in

Tr Ren Energy, 2015, Vol.1, No.3, 131-184. doi: 10.17737/tre.2015.1.3.0014 181


http://digitalscholarship.unlv.edu/renew_pubs/5/

Peer-Reviewed Article Trends in Renewable Energy, 1

[86]

[87]

[88]

[89]

[90]

[91]

[92]

[93]

[94]

[95]

[96]

[97]

North America and Europe, and recommended means to improve system dynamic
performance. Power Systems, IEEE Transactions on, 20(4), 1922-1928. DOI:
10.1109/tpwrs.2005.857942

Katiraei, F., Iravani, R., Hatziargyriou, N., and Dimeas, A. (2008). Microgrids
management. Power and Energy Magazine, IEEE, 6(3), 54-65. DOI:
10.1109/mpe.2008.918702

Lopes, J. A. P., Hatziargyriou, N., Mutale, J., Djapic, P., and Jenkins, N. (2007).
Integrating distributed generation into electric power systems: A review of drivers,
challenges and opportunities. Electric Power Systems Research, 77(9), 1189-1203.
DOI: 10.1016/j.epsr.2006.08.016

Munson, M., Jaskulski, G., and Thomas, C. (2011). If These Walls Could Think.
Power and Energy Magazine, IEEE, 9(1), 50-55. DOI: 10.1109/mpe.2010.939163

Morvaj, B., Lugaric, L., and Krajcar, S. Demonstrating smart buildings and smart
grid features in a smart energy city. In: Proc., Energetics (IYCE), Proceedings of
the 2011 3rd International Youth Conference on, pp: 1-8.

Moss Kanter, R., and Litow, S. S. (2009). Informed and interconnected: A
manifesto for smarter cities. Harvard Business School General Management Unit
Working Paper, (09-141). http://www.hbs.edu/research/pdf/09-141.pdf (Accessed
on 09/12/15).

Mohagheghi, S., Stoupis, J., Zhenyuan, W., Zhao, L., and Kazemzadeh, H.
Demand Response Architecture: Integration into the Distribution Management
System. In: Proc., Smart Grid Communications (SmartGridComm), 2010 First
IEEE International Conference on, pp: 501-506. DOI:
10.1109/smartgrid.2010.5622094

Delaney, D. T., O'Hare, G. M., and Ruzzelli, A. G. (2009,
November). Evaluation of energy-efficiency in lighting systems using sensor
networks. In Proc. ACM Workshop on Embedded Sensing Systems for Energy-
Efficiency in Buildings, Berkeley, CA, USA, pp. 61-66.

Erickson, V. L., Lin, Y., Kamthe, A., Brahme, R., Surana, A., Cerpa, A. E., and
Narayanan, S. (2009). Energy efficient building environment control strategies
using real-time occupancy measurements. In Proc. ACM Workshop on Embedded
Sensing Systems for Energy-Efficiency in Buildings, Berkeley, CA, USA, pp. 19—
24,

Gao, G., and Whitehouse, K. (2009). The self-programming thermostat:
optimizing setback schedules based on home occupancy patterns. In Proc. ACM
Workshop on Embedded Sensing Systems for Energy-Efficiency in Buildings,
Berkeley, CA, USA, pp. 67-72.

Agarwal, Y., Balaji, B., Gupta, R., Lyles, J., Wei, M., and Weng, T.
(2010). Occupancy-driven energy management for smart building automation. In
Proc. ACM Workshop on Embedded Sensing Systems For Energy-Efficiency In
Buildings, Zurich, Switzerland, pp. 1-6.

Le Gal, C., Martin, J., Lux, A., and Crowley, J. L. (2001). SmartOffice: design of
an intelligent environment. [Intelligent Systems, IEEE, 16(4), 60-66. DOI:
10.1109/5254.941359

Fuhrer, P., and Guinard, D. (2006). Building a Smart Hospital using RFID
Technologies. ECEH, 91, 131-142.

Tr Ren Energy, 2015, Vol.1, No.3, 131-184. doi: 10.17737/tre.2015.1.3.0014 182


http://www.hbs.edu/research/pdf/09-141.pdf

Peer-Reviewed Article Trends in Renewable Energy, 1

[98]

[99]

[100]

[101]

[102]

[103]

[104]

[105]

[106]

[107]

[108]

[109]

[110]

Al Nahas, H., and Deogun, J. S. Radio Frequency Identification Applications in
Smart Hospitals. In: Proc., Computer-Based Medical Systems, 2007. CBMS '07.
Twentieth IEEE  International — Symposium on, pp: 337-342. DOL:
10.1109/cbms.2007.90

Stavropoulos, T., Tsioliaridou, A., Koutitas, G., Vrakas, D., and Vlahavas, I.
(2010). System Architecture for a Smart University Building. In: Artificial Neural
Networks — ICANN 2010, K. Diamantaras, ef al., eds., Springer Berlin Heidelberg,
pp: 477-482. DOI: 10.1007/978-3-642-15825-4 64

Ageel ur, R., Abbasi, A. Z., and Shaikh, Z. A. (2008). Building a Smart
University Using RFID Technology. In: Proc., Computer Science and Software
Engineering, 2008 International Conference on, pp: 641-644. DOI:
10.1109/csse.2008.1528

Weiser, M. (2009). The computer of the 21st century. Scientific American, 265(3):
66-75. DOI: 10.1038/scientificamerican0991-94

Bravos, G., and Kanatas, A. G. Energy consumption and trade-offs on wireless
sensor networks. In: Proc., Personal, Indoor and Mobile Radio Communications,
2005. PIMRC 2005. IEEE 16th International Symposium on, pp: 1279-1283 Vol.
2. DOLI: 10.1109/pimrc.2005.1651647

Lazaropoulos, A. G. (2014). Wireless Sensor Network Design for Transmission
Line Monitoring, Metering, and Controlling: Introducing Broadband over Power
Lines-Enhanced Network Model (BPLeNM). ISRN Power Engineering, vol. 2014,
Article ID 894628, 22 pages. DOI:10.1155/2014/894628

Lazaropoulos, A. G. (2014). Wireless Sensors and Broadband over PowerLines
Networks: The Performance of Broadband over PowerLines-enhanced Network
Model (BPLeNM). Transaction on IoT and Cloud Computing, 2(2), 9-37.

Bibi, S., Katsaros, D., and Bozanis, P. Application Development: Fly to the
Clouds or Stay In-house? In: Proc., Enabling Technologies: Infrastructures for
Collaborative Enterprises (WETICE), 2010 19th IEEE International Workshop on,
pp: 60-65. DOI: 10.1109/wetice.2010.16

Giokas, D. 1., and Pentzaropoulos, G. C. (2008). Efficiency ranking of the OECD
member states in the area of telecommunications: A composite AHP/DEA study.
Telecommunications Policy, 32(9-10), 672-685. DOI:
10.1016/j.telpol.2008.07.007

Lazaropoulos, A. G. (2013). Practical coupled resonators in domino arrangements
for power transmission and distribution: replacing step-down power transformers
and their branches across the power grid. Journal of Energy, vol. 2013, Article ID
795835, pp. 1-25,2013. DOI: 10.1155/2013/795835

Kontogianni, A., Skourtos, M., and Papandreou, A. (2006). Shared Waters—
shared Responsibility. Application of the Principles of Fairness for Burden
Sharing in the Mediterranean. International Environmental Agreements: Politics,
Law and Economics, 6(2), 209-230. DOI: 10.1007/s10784-006-9006-2
Athanasiou, G., Karafyllis, 1., and Kotsios, S. (2008). Price stabilization using
buffer stocks. Journal of Economic Dynamics and Control, 32(4), 1212-1235.
DOI: 10.1016/j.jedc.2007.05.004

Papakonstantinou, S. S., and Demetriou, I. C. (2014). Data Engineering by the
Best 11 Convex Data Fitting Method. In Proceedings of the World Congress on
Engineering, vol. 1, London, UK.

Tr Ren Energy, 2015, Vol.1, No.3, 131-184. doi: 10.17737/tre.2015.1.3.0014 183



Peer-Reviewed Article Trends in Renewable Energy, 1

[111]

[112]

[113]

[114]

Lazaropoulos, A. G. (2015). Policies for Carbon Energy Footprint Reduction of
Overhead Multiple-Input Multiple-Output High Voltage Broadband over Power
Lines Networks. Trends in Renewable Energy, 1(2), 87-118. DOI:
10.17737/tre.2015.1.2.0011

Kotsios, S. Stabilization of certain discrete volterra systems an algorithmic
approach. In: Proc., Informatics in Control, Automation and Robotics (ICINCO),
2014 11th International Conference on, pp: 629-634.

Demetriou, I. C. (1995). Algorithm 742: L2CXFT: a Fortran subroutine for least-
squares data fitting with nonnegative second divided differences. ACM
Transactions on Mathematical Software (TOMS), 21(1), 98-110.

Demetriou, I. C. (2015). An Example of Peak Finding in Univariate Data by Least
Squares Approximation and Restrictions on the Signs of the First Differences. In
Proceedings of the World Congress on Engineering, vol. 2, London, UK.

Article copyright: © 2015 Athanasios G. Lazaropoulos and Panagiotis Lazaropoulos.
This is an open access article distributed under the terms of the Creative Commons
Attribution 4.0 International License, which permits unrestricted use and distribution

provided the original author and source are credited.

Tr Ren Energy, 2015, Vol.1, No.3, 131-184. doi: 10.17737/tre.2015.1.3.0014 184


http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/

